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Abstract 

Competitive Intelligence (CI) as the process of collecting data, analyzing it, and disseminating 

intelligence to decision-makers to improve the assessment of threats, risks, and opportunities 

relies on various source of data collection. Among such sources are the Internet and its 

increasingly popular offspring Social Media (SM). This quantitative research with an abductive 

approach used a descripto-explanatory model adapted from Schmidt (2000) and Teo (2001) to 

examine the effectiveness of CI when gained from SM for business-to-business (B2B) purposes. 

A Survey adapted from Chen et al. (2002), and Dey (2011) was used to collect 88 B2B business 

managers’ responses in Canada, the United States, and Sweden. Differences were seen between 

the efficiency of CI used in different types of decision-making. The findings of the study showed 

that among the three main types of decision making (strategic, tactical, and operational), SM can 

contribute to CI which supports tactical decision-making in areas such as regional biases, 

customer segmentation, popularity of products, and the popularity of products. However, they 

rank below other CI sources in supporting strategic and operational decisions in areas such as 

industry warning, country risk, and price fluctuations. As such, when extracting data and mining 

them for internal use in a B2B organization, managers and CI experts should consider the 

applicability and reliability of SM data before disseminating them to decision-making processes. 

The study proposed a framework for examining the role of SM in decision-making processes in a 

B2B context, which can be applied for further investigation into the implications of such data.  

Keywords: B2B, Social Media, Competitive Intelligence, decision-making, data collection, data 

mining 
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1 Introduction 

The information available to decision-makers has exploded in the last few days, and will 

keep its trend in the future with a probably faster pace (Hair et al., 2013). This collected and 

stored information is streamed into data warehouses from different sources, and then are made 

available for mining and applying to enhance decision-making. Among different data sources to 

enrich this warehouse is newly emerged Social Media which is increasingly gaining popularity 

and interest in business (Dey et al., 2011). The data available to organizations can be 

incorporated into different organizational processes such as strategic decision-making, as well as 

objectives such as gaining competitive edge over rivals.  

The current study is an investigation into the contribution of Social Media to Competitive 

Intelligence1 in providing information for decision-making as well as gaining information on 

competitors in business-to-business2 organizations. We have categorized different aspects of 

Competitive Intelligence (CI) and Decision-Making (DM) and weighed the efficiency of Social 

Media (SM) in each category to obtain an understanding of the effectiveness of the data gained 

through SM. Therefore, the key question we seek to answer is whether SM are able to provide 

business-to-business (B2B) with effective tools through the data and subsequently the values and 

opportunities they may integrate into CI. As Kietzmann et al. (2011) point out that many B2B 

managers still ignore SM capabilities, probably due to lack of sufficient measurable evidence of 

the success.  

																																																													
1 	Competitive	Intelligence	is	defined	as	the	process	of	defining,	gathering,	and	analyzing	intelligence	about	
products,	customers,	competitors	and	any	aspect	of	the	environment	needed	to	support	executives	and	managers	
in	their	decision-making	(Dey	et	al.,	2011).	
2 B2B	(business-to-business)	is	the	exchange	of	products,	services	or	information	between	businesses	rather	than	
businesses	to	individual	consumers	(Hague,	2006).	
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In this study, due to their popularity and global acceptance, three of the most visited SM 

sites namely Facebook, Twitter, and LinkedIn are investigated in terms of the capabilities they 

may offer to B2B organizations in gaining competitive intelligence. Also, for the purpose of this 

study, the term Social Media (SM) is used to refer to online Social Networking sites applications 

that allow creating, sharing, discussing, and modifying different types of content (Kietzmann et 

al., 2011). In chapter 2, we provide a more comprehensive definition of SM. 

1.1 Background  

With the advent of technology in recent years especially in the Internet technologies, 

fundamental changes are induced into the B2B activities and marketing capabilities (Rombel, 

2001). According to eMarketer (2013), of almost half of the B2B marketers in the United States 

planning to increase their overall marketing budgets in 2013, 67.2% intended to do so by 

investing on the Internet technologies such as websites development, email marketing, social 

media, video, etc.  

A report published by eMarketer (2013) reveals the number of SM users is expected to 

reach to an estimated number of 2.55 billion by 2017, which suggest a potentially great 

opportunity for organizations to draw on their convenience and capabilities. Therefore, the value 

of SM in business, whether positive or negative, cannot be neglected as organizations are 

experiencing new trends that continue to emerge through the advent of technology (eMarketer, 

2013), and the data gained through them. It is argued that considerable value can be driven from 

monitoring prospects and customers and their conversations in SM for a broader, more predictive 

perspective on product preferences, the status of the market, etc.  

The overall aim of this research is two-fold: 
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1) To identify components of competitive intelligence and decision-making that 

can benefit from the use of SM 

2) To measure the relative efficiency of SM compared to the other sources in 

gaining competitive intelligence in a B2B context 

1.2 Specification of problem 

The Internet technologies have brought massive changes in the arena of business (Dai & 

Kauffman, 2002), and with the ever-rising number of the Internet users even more integrated 

marketing activities are expected to occur for different purposes such as gaining completive 

edge, generating leads and revenue (Bodnar & Cohen, 2011), promoting brands (Saravanakumar 

& Suganthalakshmi, 2012), facilitating communications, and so forth. The positive impact of the 

Internet on business activities are addressed in various studies (Avlonitis & Karayanni, 2000). 

B2B marketing has also gained only partial attentions in the marketing literature over the past 

two decades, and we are still in the first development stages of research about B2B (Saeed, 2011; 

Hadjikhani & LaPlaca, 2013). 

In addition, gaining competitive advantage which is obtaining knowledge on the 

possibilities and threats an organization faces from the external business environment (Prescott, 

1995), is often a challenging, costly and time-consuming process that SM can facilitate and assist 

(Vuori & Väisänen, 2009). It is argued in various studies that SM can lead to significantly 

improved B2C performances through facilitating a wide range of activities (Agichtein et al., 

2008; Bashar et al., 2012; Dobrian, 2013), not much evidence exists to support such claims in 

B2B context (Hadjikhani & LaPlaca, 2013).. 
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The introduction of innovations and advances in technology has led to dramatic changes 

into the capabilities of B2B marketing activities (Avlonitis & Karayanni, 2000), thus, further 

empirical studies on such areas seem vital. Furthermore, despite the significant popularity of SM 

and the potential tools and methods they provide for businesses, such as facilitating effort and 

time monitoring a competitive environment, many managers still ignore such capabilities and do 

not understand what they are and how to engage them (ibid). This may be due to the lack of 

methodical metrics to measure SM success, miscounting on real-time and precious data that may 

readily be available to them.  

The potential benefits and drawbacks SM may provide to business necessitate a more 

comprehensive, full-length, and careful approach toward applying SM, which required empirical 

evidence. Therefore, with the aim of gaining more appropriate metrics for measuring SM-

powered CI in B2B in terms of decision-making seems vital for applying SM while 

understanding their capabilities and implications. 

1.3 Significance of the study 

Since SM is a rather new phenomenon in the business arena, empirical and comparative 

study on their subsequent impacts on the organizations activities and performance are still 

relatively limited (Saeed, 2011; Vuori & Väisänen, 2009; Hadjikhani & LaPlaca, 2013). SM 

have been favorable to and used by organizations in the last decade, however, as 

abovementioned, lack of empirical evidence exists on their efficiency and role in the business 

activities and performance (Power, 2013; Subramaniam & Shaw, 2002), and particularly in B2B 

context. This study attempts to fill this gap by investigating the impact of applying SM on CI and 

the type of insight they provide to the B2B organizations to support their decision-making 

processes.  
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As SM continue to gain more popularity and interest, it is of significance to identify and 

measure the type of tools they provide for organizations. The present study has an administrative 

and executive significance; from an administrative point of view, it can be beneficial to the 

organization to realize whether SMs can be relied on as a tool in gaining competitive intelligence 

and recognize the capabilities and implications they offer in that regard. From an executive point 

of view, SM, if proven an effective tool, can enrich the data available to managers for their 

decision-making processes. 

1.4 Research objectives and questions 

The Internet is a capable tool for fast, efficient, integrated, and interactive exchange of 

information (Dai & Kauffman, 2002), it provides marketers with numerous tools to aid them in 

various activities (Evans & King, 1999), which necessitates the identification and success 

measures of such capabilities. In this study, we seek to answer questions regarding the methods 

to measure SM capabilities and implications in B2B against business objectives an organization 

seeks to fulfill as well as the other sources in regards with data they provide in gaining 

competitive intelligence and improving decision-making. Therefore, regarding this objective and 

with the area of focus on three of the most commonly used SM sites; Facebook, twitter, and 

LinkedIn (Korosuo et al., 2013) as the main stream of SM available to B2B marketers and 

managers, the objectives of this thesis are: 

• To probe which capabilities and characteristics of SM are applicable to CI in a B2B 

context 

• To measure the success of such capabilities in comparison to non-SM data-driven CI 

• To broaden awareness of the pitfalls SM may pose while applying their data as reliable CI 

• To investigate the perspectives of SM-driven data in the process of decision-making 
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• To compare SM driven CI to that of the other sources  

Specifically, this thesis sought to answer the following questions: 

• What are the B2B managers perspectives toward SM-driven data based on their 

experiences? 

• What are the B2B managers perspectives toward SM based on the following types of 

decision-making: Strategic DM? Tactical DM? Operational DM? 

• As compared to other sources of data, are there any differences in the perspectives of 

manager based on the efficiency of SM-driven data on external environment? 

Competitors? 

1.5 Scope and delimitation  

This thesis is descriptive in nature and focused on B2B managers whose perspective 

organizations are both active in SM and utilize CI for their decision-making. The primary data 

collection method to determine their perspectives of SM efficiency in contributing to CI based on 

their experiences is an online survey.  

The researchers limited the coverage of the study to 88 B2B managers whose 

organizations have applied SM in their daily activities and have utilized CI for decision-making 

support in randomly selected organization in North America and Sweden. Thus, the ability to 

generalize the results to the entire population of B2B organizations and beyond should be 

limited. Nevertheless, the sample is similar to the population of B2B managers in North America 

and Sweden and can therefore be generalized. Each manager is sent the same questionnaire to 

express his/her perspective on the topic of SM efficiency. 
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2 Literature Review 

This chapter presents a review and discussion on the previous studies on B2B practices, 

competitive intelligence, decision-making, and the implications of SM in business. Subsequently, 

we form a research model and framework based on the literature review to measure and compare 

the data driven form SM from that of the other sources to enhance CI. The research model of the 

study is derived from two areas: CI used about external environment and competitors, and the 

types of decisions made by B2B based on that data. 

2.1 Competitive Intelligence (CI) 

Global competition and realization that actionable knowledge can be the key to a 

competitive edge over the rivals have led many organizations to consider CI as an integral part of 

ajor companies  General Motors formal and well-their activities (Prescott, 1995). M  like  with 

 CI units, have enabled managers to make informed decisions structured their  richer and more 

critical matters such as marketing and strategic planning (Chen et al., 2002). about , investment,  

As competition intensifies among businesses, and new competitors enter the market, the need to 

recognize the moves and strategies of the new and old competitors, make the utilization of CI 

.   and ongoing research more vital than ever (The Mezzanine Group, 2012) Strategic evaluations

 critical  to   competitive landscape on the market makes CI a component of a business realize the

.  deep  and rich  insight into for designing strategies (Quoniam, 2013) CI can deliver a er er

competition, market   and   and clarify the entry and positioning of a company help managers in 

 critical and decisions  the future of the  organizationtheir strategic on ir  (The Mezzanine Group, 

.  2012)
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 information particular can be  Gaining market  ly for B2B organizations challenging and 

, CI time-consuming this is what makes CI a crucial component of an organization. allows 

, ethical, and research and analysisoperational comprehensive , and consequently gaining 

 learn  to compete more effectively, and tak  advantage of gaps information, ing ing opportunities, 

changes in a market (Cook, 2000). In a B2B context, understanding the dynamics the and 

industry, and the moves and strategies of the competitors provide a critical perspective on the 

market and subsequently allow more effective strategic decisions (Chen et al., 2002; Prescott, 

1995). Prescott (1995) sustains that CI can serve to provide early warning and foresight for 

opportunities and threats in the market, feed decision-making process, monitor and assess 

competitors, and support strategic planning. Considering the fact that market is constantly 

changing, companies not only have to make correct but also quick decisions, however, very often 

organizations have limited resources for gathering such information and have to rely on their 

traditional method of data gathering or the limited data available to them for their strategic 

questions. Yet, CI is more than traditional and limited sources of data gathering such as reading 

competitors’ websites or some unethical ways such as dumpster diving for information (The 

Mezzanine Group, 2012).  

2.1.1 CI definition 

Dey et al. (Dey et al.) define CI as  

“The combination of defining, gathering, and analyzing intelligence about products, 

customers, competitors and any aspect of the environment needed to support executives and 

managers in making strategic decisions for an organization.” 



	13	

	

	 	
	

CI as opposed to industrial espionage which is aimed at revealing a competitor’s secrets 

and proprietary information (Prescott, 1995), is a legal business practice (Murphy, 2005) which 

involves gathering data from multiple sources, converting it into knowledge and intelligence and 

then applying it in decision-making processes of an organization. Ettorre CI  a  (1995) defines as

process  know what the  up to  and in which organizations attempt to competitors “are ” to 

  step ahead of them  gather  information  ideally applying constantly stay one through the ed and

 to short and long-term strategic planning. them their 

 as a distinct field  specialized activity nested under marketing CI  and started as a  function 

research known as marketing intelligence'' to  the marketplace   “ study and monitor  through

specialized tools of investigation many inspired by espionage (Walle, 1999). CI is , of which  

neither random nor unstructured, nor a database of endless data and information, rather, it is a 

value-adding process comprised of series of methodical organizational activities driven by 

explicit intelligence needs within an organization by the objective of achieving competitive edge 

(Prescott, 1995). Such intelligence is used to assess threats, risks, and opportunities in a 

competitive environment before they become evident (Murphy, 2005) to create, change or revise 

marketing strategies, price adjustments, production plan etc. (Dey et al., 2011). Walle (1999) 

holds that although CI has rooted from marketing research, and is integrated with marketing 

activities, marketers need to be careful to avoid regarding it as a superficial improvement of the 

field with a few more ad hoc details than marketing activities and to assume they already 

understand it. The unique contributions and supports of CI to the organizations have made the 

field a separate and distinct discipline, and a formal unit with recognized internal prestige and 

power within various organizations and far from an “afterthought of marketing research” (Walle, 

1999).  
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Therefore, CI provides actionable foresight into the competitive potentials and dynamics 

in a business environment to gain and enhance competitive edge. Competitive potentials and 

dynamics refer to the developments and evolutions in the industry, and moves and countermoves 

the competitors, customers, prospects, suppliers, partners, and any potential competitor may take 

in the industry. Non-market factors include government and regional regulations, tariffs, the 

culture of a country, etc. that may affect competitive dynamics (Prescott, 1995). CI is different 

from general business information, such as transaction figures, growth rate, etc. in that it is of 

strategic significance (Chen et al., 2002) and is not merely the collection of data and information 

from various sources about the market. CI is the study of various parameters such as expert 

opinions, technology developments, and changes in economic and social policies (Dey et al., 

2011) to develop actionable intelligence that focuses on the timely analysis of the present 

problems (Prescott, 1995). 

With the new types of technologies and tools used by new and old competitors, and 

intensification of competition in various fields, CI is more necessary and important than ever 

(Bose, 2008) to contribute to and strengthen strategic assessments for  strategies. It is  crafting

vital for knowing about competitors strategies and plans regarding issues such as pricing, sales 

processes, marketing messages, to understand how to design new offers, services, and predicting 

competitors’ reactions to changes, or the desirability of a particular market over another (The 

Mezzanine Group, 2012) 

2.1.2 CI history 

The topic of CI is vast, many activities associated with it originated thousands of years 

ago (Walle, 1999), when it was applied for military intelligence and strategies, and later 
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concerning national security issues such as those in the World War II, but the systematic process 

in gaining business intelligence in organizations is the third and recent phenomenon and 

application of CI (Prescott, 1995). In 1970s, CI fundamentally involved collection of competitive 

data, and was merely a market research done on ad hoc manner with limited or no analysis with 

low level management involvement and almost no input into decision-making processes 

(Prescott, 1995). In 1980s, it shifted from emerging to a grown field, from collecting to 

analyzing data, and in the 1980s and 1990s, more concentration was paid to techniques to apply 

it for decision-making (Walle, 1999), it then advanced to the point where it is institutionalized in 

the business community and provides strategic implications to managers (Prescott, 1995).  

One of the advantages of CI is that it allows more efficient planning (Gordon, 1989) and 

therefore a better performance on the introduction of new products and market strategies (Ahituv 

et al., 1998). Systematic information can better support strategic decisions (Brockhoff, 1998), 

and organization with more competitors' activities data collection have more profitability than 

those without such functions (Teo & Choo, 2001). The results of a study conducted by Wee & 

Leow (1994) revealed that the use of CI had an impact on the corporate performance and higher 

organizational effectiveness among the organizations under the study.   

Currently, companies apply information in generating products and services, however, in 

addition to such knowledge, a company needs to know the prospects, price, location, time, and 

the distribution manner among some other information to get the best possible profit (Vuori & 

Väisänen, 2009). This understanding may be accomplished through collective experience and 

knowledge already existing within a company, but to gain a whole picture and an effective 

knowledge on possibilities and threats, information from external environment is also vital 
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(David, 2013; Prescott, 1995). CI gathers, filters, and refines such data into easy-to-read forms 

suitable for making strategic decisions. These information and knowledge have to be suitable 

regarding competitive issues, devoid of superfluous, redundant or unreliable information 

(Murphy, 2005).  

While traditionally intelligence were applied for monitoring threats, typically with a 

primary focus on competitors resources and capabilities, today managers need procedures that 

enable them to establish and maintain closer and more constant look and analysis on smaller, 

integrated, and fleeting targets (Bernhardt, 2003). The same author points out that no one 

standardized competitive intelligence system exist today, rather CI needs to align with the 

architecture of a company at all organizational levels from remote, industry, or operating include 

executive, administrative, supervisory, and functional levels (Prescott, 1995). This will provide 

managers with more effective, relevant, and evidence-based tools that are not generally available 

through other channels in their decision-making processes (Bernhardt, 2003).  

According to Bernhardt (2003), CI outcome can benefit a company’s acquisitions, 

product, service and technology development, and marketing strategies. He specifies the benefits 

of CI as: 

• improved productivity 

• timely warning of competitive threats 

• a reliable source for unbiased news, information, and analysis 

• enhanced cross-functional interactions in the organization 

• improved security (and ideally improved counterintelligence) 

• reinforced culture of competitiveness in the organization through focusing on threats and 

influences of the competitors 
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2.1.3 CI categories 

According to Dey (2011), organizations use CI to compare their performance with the 

other organizations ("competitive benchmarking"), to identify opportunities, risks, and threats in 

their markets, and to pressure-test their plans against market (war gaming). These enable them to 

make informed and intelligent decisions response. The gathered knowledge about how the 

industry is changing allow organizations to realize their strengths and weaknesses of their 

competitors (ibid). CI can be used both for long-term or short-term planning, and is broadly 

categorized into two functionally distinct types of strategic intelligence and tactical intelligence 

(ibid). 

Strategic intelligence focuses on the analysis of long-term competitiveness issues and 

depending on the type of the industry, forecasts and suggests where the position of an 

organization should be in the future through applying timely and effective strategies by 

developing action-oriented suggestions for managers (Prescott, 1995). Tactical intelligence, on 

the other hand, focuses on providing information for assisting short-term decisions. This kind of 

intelligence that directly affects the sales process of an organization mainly involves analysis of 

the competition status and current market share. Dey (2011) further categorizes tactical 

intelligence into the following:  

• gaining market information on the popularity of competitors in terms of products or 

brands, market share, regional or geographical biases of competitors, and consumer 

sentiments 

• gaining price information on competitors’ products or services 

• learning about promotion strategies and activities adopted by competitors 
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• gaining other information to update competitors profile on issues such as their work force 

structure, internal shift in strategy or vision, success or failure of  their products trials 

2.1.4 CI process 

According to Murphy (2005), CI involves three steps: collecting data, analyzing it, and 

disseminating intelligence to decision makers. The first step involves identifying and gathering 

useful and related data, the second is discovering and extracting meaningful patterns in the data, 

and the last is disseminating the information to the managers to support their decision making 

(Chen et al., 2002; Keiser, 1987; Tyson, 1998). Collecting data and analyzing it are the core 

functions of CI process (Teo & Choo, 2001).  The following list suggested by (Chen et al., 2002) 

is a typical pattern where such activities are conducted: 

1. Identifying the type of data required and variables monitor such as markets, competitors, 

suppliers, prospects, customers, or environmental variables; 

2. Identifying the data sources; 

3. Evaluating the reliability, validity, and effectiveness of the data sources and their data; 

4. Gathering and integrating the data into data meaningful units; 

5. Interpreting and analyzing the data for tactical or strategic planning, drawing conclusions 

and recommending possible actions; 

6. Disseminating and presenting the analyzed findings to management; 

7. Responding to ad hoc inquiries required for decision-making supports. 

In this study, we investigate the efficiency of activities (1) to (3) when the CI is gathered 

from a SM and compared it to the other sources for data gathering, and then measured the 

effectiveness of such data when activities (4) and (5) are performed. 
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According to Bernhardt (2003), a mechanism is required for an organization to be able to 

perform activities (1) to (3). Bernhardt suggests that there are four categories to this 

identification, which can serve as a basic framework for managers and intelligence analysts when 

performing the three activities: decisions, key players, warning, and counterintelligence. They 

are characterized by collecting data to use them for supporting any pending decision or action. 

They include questions such marketing strategies, the filing procedure, product launch date, 

dosage, and questions regarding desirable premium prices. 

 

Key players 

This category deals with identifying, monitoring, gathering, and analyzing data from the 

performances, capabilities, plans, and intentions of industry rivals. This provides an 

understanding of the competences and plans of competitors and gives a deeper insight into their 

present and future activities. 

Warning 

This is deal with the question ‘what actions would we take if we were our competitors?’ 

An early warning is carried out with the principal objectives of (1) identifying the current and 

future threats in the industry, government, and technology, including ‘disruptive’ or ‘modifying’ 

changes; (2) avoiding strategic surprise, especially competitors’ initiatives; (3) identifying and 

seizing new business opportunities. The gathered data may include issues such as the competitors 

plan to acquire companies, cancel product lines, to forge alliances or joint ventures with other 

competitors or organizations, to develop new product, to launch or extend their brands or 

products, new packaging and delivery systems. It can also include questions related the 

developments and technologies applied in their product, production and packaging, key 
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customers and prospects, distribution systems, changes in plans, activities or collaborations and 

relationships with the mutual customers and suppliers. In addition, gathering data on their 

exclusive marketing agreements, joint initiatives, and retail environment among others can be of 

interest and significance as well.  

Counterintelligence		

Counterintelligence deals with the protection of an organization’s knowledge assets and 

gathering related data to counter any possible loss of vital internal or external data, it poses sets 

of significant questions such as: What must be protected? Why, how and what do the competitors 

plan and attempt to discover about an organization? What has been done and must be carried out 

to counter such activities? What legitimate tactics can be employed to safeguard the proprietary 

information?   

2.2 Business-to-Business (B2B)  

The history of commerce and marketing between organizations dates back to centuries 

ago (Hadjikhani & LaPlaca, 2013). However, research on this area has no similar history, and 

understanding of B2B marketing rules and principles has long been built on implied and personal 

inferences of the managers rather than scientifically based evidence (Hadjikhani & LaPlaca, 

2013). Thus, despite a partial attention B2B marketing gained in the marketing literature over the 

past two decades (Saeed, 2011; Avlonitis & Karayanni, 2000), we are still in the first 

development stages of research about B2B marketing (Saeed, 2011; Hadjikhani & LaPlaca, 

2013). Moreover, with the introduction of innovations and advances in technology, dramatic 

changes are integrated into the capabilities of B2B marketing activities, (Avlonitis & Karayanni, 
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2000), and naturally need for methodical empirical studies on the Internet-based B2B, and 

subsequently the role of SM seem vital. 

B2B marketing is defined as facilitating, supplying, and meeting sale and resell of 

products and services and the requirements of B2B, governmental, and institutional markets 

rather than private retail consumers (Saeed, 2011; Hague, 2006; Referenceforbusiness.com, 

2014). B2B marketing is different from business-to-costumer (B2C) marketing and has different 

complexity and context, (Gummesson & Polese, 2009). B2C marketing can typically be brief and 

shallow, whereas in B2B marketing, since a new experiment with another brand may impose 

impacts on the entire business and due to the limited number of purchase units and dominate of a 

small number of customers (Hague, 2006), companies typically seek long-term relationships 

(Hague, 2006). Therefore in B2B, sales cycles are longer, more complex, and more involved 

(Gummesson & Polese, 2009; Sarkees, 2011; Hague, 2006). Because of the purchase of risky 

products, buyers who are usually committees of individuals (Laura, 2014) need to be more fact-

based, rational, and have more comprehensive knowledge on the products and markets (Miller, 

2012). Therefore, in a B2B marketing environment, buyers and sellers are more sophisticated 

and with no impulse purchase (Saeed, 2011), and with little to no personal emotions involved in 

the purchasing decision, to eliminate the risk of purchasing a wrong product or service (Hague, 

2006). In B2B marketing, both directions take initiatives (Gummesson & Polese, 2009), and 

there are more people and time required in the decision-making processes (Hague, 2006). 

2.2.1 B2B marketing and the Internet 

The innovations and advances of technology have induced a sea of changes in the B2B 

marketing activities and capabilities (Rombel, 2001). The radically improved functions of the 
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Internet as well as the increased volume of inter-organizational exchanges and collaborations 

have prompted higher communication capabilities in value chains and distribution channels in 

the area of B2B marketing (Avlonitis & Karayanni, 2000). Adopting to these new technology 

tools helps organizations gain competitive edge (ibid). According to eMarketer (2013) of almost 

half of the B2B marketers in the United States who planned to increase their overall marketing 

budgets in 2013, 67.2%, did so by investing on the Internet technologies such as websites 

development, email marketing, Social Media, and video. However, that is the nature of the 

products and services and the behavior of target audience that decide on the importance of the 

Internet for marketing of an organization (Chaffey, 2007). 

2.2.2 B2B background and findings 

Before applying the Internet capabilities and implications in B2B marketing, it is worth 

taking a perspective look into a selection of researches carried out on Internet marketing benefits 

in order to gain a general understanding of the implications and function the Internet and SM 

provide to B2B. Table 2.1 presents a selection of articles that studied the implications and 

benefits of the Internet in B2B activities and marketing.  

Table 2.1  
Previous Studies on the Implication and Benefits of the Internet in B2B Activities & Marketing 

Author(s) Benefit(s) of the Internet 
(Malone et al., 1987) reduces cost and time in communication 

(Choudhury et al., 1998). lowers search costs and eliminates intermediaries 

(Wise & Morrison, 2000). reduces costs, facilitates transaction & access to buyers and 
sellers, provides measurable ROI 

(Subramaniam & Shaw, 2002) 

improves collaboration and communication, improves search 
functions, facilitates monitor and control of mechanisms, 
enhances and facilitates gain of immediate information changes, 
identifies product availability,  
identifies product pricing, reduces transaction charges 
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As a highly interactive medium, the Internet can play a significant role for the B2B 

organizations, and with hundreds of thousands of businesses taking advantage of it (Bakos, 

1997), in a sharp trend (Hickey, 2000)  (Hadjikhani & LaPlaca, 2013), its implication is globally 

expanding among B2B organizations (Avlonitis & Karayanni, 2000). The high appreciation and 

popularity of the Internet with organizations (Bodnar & Cohen, 2011) may mostly be attributed 

to its facilitating communication and providing interactive communicative capabilities 

(Gottschalk & Abrahamsen, 2002; Malone et al., 1987; Avlonitis & Karayanni, 2000), and 

effective relationships and cooperative opportunities it facilitates among organizations 

(Subramaniam & Shaw, 2002). Social Media as an offshoot of the Internet may be as effective 

for the B2B organizations. In the next section, we will provide a review on the implications of 

SM in B2B. 

2.3 Social Media  

According to Internet Live Stats (InternetLiveStats, 2014), there are 2.9 billion Internet 

users worldwide in 2014. A number, which shows a 7.9% increase to 2013, and almost 20% 

increase to 2012. Table 2.2 provides a summary of the number of the Internet users in the last 5 

years. 

Table 2.2  
The Number of the Internet Users Worldwide  

Year Internet users User 
growth 

Word 
population 

Population 
growth 

Penetration (% pop 
with Internet) 

2014 2,925,249,355 7.9% 7,243,784,121 1.14% 40.4 

(Gottschalk & Abrahamsen, 2002) facilitates selection of suppliers and pricing, order of goods, and 
paying bills 

(Hoffman & Fodor, 2010) is a highly measurable environment 

(Bodnar & Cohen, 2011) 
facilitates educating prospects, reduces marketing expense,   
increases lead volume, improves lead quality, reduces sales cycle 
length 



	24	

	

	 	
	

2013 2,712,239,573 8.0% 7,162,119,430 1.16% 37.9% 

2012 2,511,615,523 10.5% 7,080,072,420 1.17% 35.5% 

2011 2,272,463,038 11.7% 6,997,998,760 1.18% 32.5% 
2010 2,034,259,368 16.1% 6,916,183,480 1.19% 29A% 

 

Of the current 2.9 billion Internet users, 1.8 billion also use one or more forms of the SM 

(Statista, 2014b), indicating the popularity and penetration of these communicating tools into 

everyday life (Power & Phillips-Wren, 2011; Bushey 2010). An estimated number of 2 billion 

SM users are expected to in 2015 (Altes, 2009). With such popularity and proliferation, 

organizations can choose to participate in this communication and add to their business 

capabilities, or continue to ignore it (Kietzmann et al., 2011), as many managers still ignore such 

capabilities (Avlonitis & Karayanni, 2000). Yet, many organization are investing time and 

money to take advantage of the growth and popularity of SM (Boyd & Ellison, 2007).  

In the current data-driven society (Power, 2013), an organization needs to engage with 

customers, employees, and suppliers (Altes, 2009), and that is increasingly happening on SM.  

Such facilitated interaction and communication offer additional opportunities for companies 

(Boyd & Ellison, 2007; Verbraken et al., 2014). According to Power & Phillips-Wren (2011), 

decision makers can improve or alter their decisions through the data available to them on SM, 

since they are of beneficial value to source, collect, analyze, and distribute data (Harrysson et al., 

2012). Many companies, regardless of their size, have started to identify and apply SM in their 

activities. IBM with over several blogs, Facebook pages, Twitter accounts, and a forum called 

DeveloperWorks, is one of the companies with integrated SM activities, which regularly 

publishes videos on YouTube, and have promotional presentations on SlideShare, Twitter, and 

so forth (Saravanakumar & Suganthalakshmi, 2012). Nevertheless, the functionalities and 
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capabilities of SM in a B2B context is a subject to more research as the current body of literature 

is not comprehensive. 

2.3.1 SM definition 

SM are the social interaction platforms available to individuals and organizations to 

interact and communicate with one another through web-based technologies (Power & Phillips-

Wren, 2011; Safko, 2010). SM incorporate online communities and sites in which individuals 

and organizations can create, share, discuss, and modify contents (Kietzmann et al., 2011), 

shown either in public, semi-public profiles (Kaplan & Haenlein, 2010), within a SM system or 

application which may vary in forms and features from site to site (Boyd & Ellison, 2007). Paul 

Gillin (2009) defines SM as technologies that allow individuals and organizations to view and 

publish materials on the Internet to promote, purchase, send or receive feedbacks on product or 

services in a quick and low-cost manner. Through SM, communications and interactions occur, a 

role also performed by “traditional SM” such as telephone, direct mail, print advertising, radio, 

television, and billboards, however SM come to play exponentially a more effective role for the 

organizations (Safko, 2010). For the purpose of this paper, the term “Social Media” is used to 

refer to all the different forms of online Social Media sites and applications that allow creating, 

sharing, discussing, and modifying different types of content.   

SM sites and applications 

There are currently a large number of SM sites varying from scope and functionality, 

some for public users, and some applying more technical features for more professional users. 

Nonetheless, they all share a common feature, which distinguishes them from other forms of 

connectedness over the Internet and that is visible profiles (Boyd & Ellison, 2007) in which a 
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user shares personal information as well as list of friends or followers who are also users of the 

same network. By default, users can view each other's profiles, unless the owner denies to grant 

such permission (Boyd & Ellison, 2007). SM sites are of various forms and functionalities. 

These include sharing photos, audios, videos, and sounds. Internet forums, weblogs, wikis, social 

networks, RSS and aggregators, virtual worlds, social networking sites are all considered SM 

sites. They can feature one or an integration of some of the mentioned platforms. Various 

classifications are proposed as to define and categorize different types of social media platforms. 

Table 2.3 demonstrates a definition and example for each classification based on the type of 

media shared. 

Table 2.3  
Social Media Categories, Definition, and Examples 

Categories Definition Example Others 

Photo sharing Sharing digital photos Flickr Picasa, SmugMug, 
PhotoSwarm 

Audio sharing Sharing audio and music Soundcloud Audioboo 

Video sharing Sharing video clips YouTube Vimeo, Dailymotion, 
Sqweasel, 

Microblogging Text messaging Twitter FriendFeed, Tumblr, 
Plurk 

Livecasting Broadcasting video live Ustream Livestream 

RSS 
Really Simple Syndication (Getting 
automatically notified when an 
update to the site) 

Digg 
Reader Newblur 

Aggregators Selecting the type of content to be 
displayed 

Google 
News News 360 

Blogs 
A series of brief, regularly 
publishing commentaries on a 
particular topic (Bushey, 2010) 

Wrodpress Blogger, Svbtle, 
Medium 

Collaborative 
projects 

Contribution and collaboration of 
users to build a site Wikipedia 

Google Docs, 
Dabbleboard, 
Mindquarry 

Virtual social 
worlds Simulated environment Second Life World of Warcraft 

Social 
networking sites Interacting with other users Facebook Google+, LinkedIn 
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Rating/Review 
sites Rating products and services Amazon Angie’s List 

In another classification based on their functionality, White (2014) classifies SM sites 

into seven major categories:  

1. Social connections, e.g. Facebook, MySpace, Google+, and Twitter that allow to be in 

contact with others; 

2. Multimedia sharing, e.g. YouTube, Flickr, and Picasa for sharing photography and videos; 

3. Professional, e.g. LinkedIn and Classroom 2.0, which are general platform for 

professionals to connect and have career-related connections; 

4. Informational, e.g. Super Green Me and HGTV Discussion Forums to find answers to 

everyday issues and problems; 

5. Educational, e.g. The Student Room, The Math Forum, and ePALS School Blog in order 

to collaborate and communicate with other students for academic purposes; 

6. Hobbies, e.g. Oh My Bloom, My Place, and Sport Shouting to view and share content on 

their favorite topics of interest; 

7. Academic, e.g. Academia.edu and Connotea Collaborative Research to share research and 

view academic results submitted by others. 

Despite the variety of applications and functions, the question as to which site or 

application bests suits a particular organization is not whether to choose one or another, but what 

objectives need to be achieved in the company and which tools and measuring metrics best can 

achieve them (Hoffman & Fodor, 2010). Therefore, with these new technologies, innovations, 

and marketing tools a key question can be how to measure the impact of their application 

(Subramaniam & Shaw, 2002). In this study, due to their popularity, the primary focus is on 

three SM sites Facebook, Linkedin, and Twitter. A brief introduction to each platform follows: 
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Facebook 

Facebook (www.facebook.com) is the most popular SM site (Altes, 2009; Statista, 

2014b). It allows users to create personal profiles and contents and view the profiles  and 

contents of others (Bushey, 2010). With the introduction of “Fan Pages” companies are 

increasingly having more presence on Facebook (Altes, 2009). The fan pages act like word-of-

mouth marketing (Bushey, 2010), and allow businesses to market themselves, and provide a 

convenient space for “fans”  and the company to interact with each other. The other recently 

added feature to Facebook is “hashtagging” or creating one-word clickable link that allows 

joining larger conversations through the key word even outside a network. There are currently 

1.28 billion monthly users in Facebook (Whittaker, 2014), half of which have more than 200 

friends (Guardian, 2014), and around 802 million visit Facebook daily (Zephoria, 2014).  

Twitter 

As “the fastest-growing community site” (Altes, 2009), Twitter (www. twitter.com) is 

increasingly turning into a valuable venue for businesses (Safko, 2010). Launched in 2006, 

Twitter has now over 645 million users sharing over 58 million daily tweets (microblogs) 

(Statisticbrain, 2014). It works as a medium for sending a short text message limited to 140 

characters to a group of people who may or may not know the sender but care about the topic of 

the text (Safko, 2010). In Twitter users can “follows” each other to share with and view their 

updates or “tweets” (Bushey, 2010). Twitter allows businesses to follow others to learn from and 

share their information with on a relevant, industry-specific topic, and learn about trends and 

ongoing topics through “hashtags” or keywords (Safko, 2010). 
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LinkedIn 

LinkedIn (www.linkedin.com) is a business-oriented SM service, launched in 2003 that is 

mainly used for professional networking with 259 million users in over 200 countries (LinkedIn, 

2014). Job recruiters and HR personnel are the key users of LinkedIn and use it as a source for 

finding job candidates. Recruiters also join or create industry and field based groups on LinkedIn 

to establish connections with professionals and users in that line of business (Safko, 2010). 

2.3.2 SM history 

BBS, AOL, and CompuServe were the first online meeting places for sharing files and 

viewing events within a central system (Digitaltrends, 2014), which were popular in 1980s and 

early 1990s when the Internet was still proliferating into people’s everyday life. In the mid-

1990s, Yahoo and Amazon began setting up online shops where users could read and share 

views and feedbacks, and by 1995, the first site, which somehow fulfills our definition of a 

Social Media site, was born (ibid). Classmates.com with around 57 million registered accounts 

created a virtual reunion that allowed interaction and communication between users. But the first 

recognizable Social Media site was SixDegrees.com launched in 1997 (Boyd & Ellison, 2007). It 

was a platform where users could create, share, view profiles, and contents, and surf their friends 

contents.  

From 1997 to 2003, a large number of other sites such as AsianAvenue, BlackPlanet, and 

MiGente emerged. BlackPlanet.com had more than 8 million monthly visitors (Digitaltrends, 

2014). This sudden growth of networks and information systems (Bakos, 1997) continued later, 

and Ryze, Tribe, LinkedIn, and Friendster gained popularity (Boyd & Ellison, 2007) (Safko, 

2010). Friendster was launched in 2002 as a social complement to Ryze with a large number of 
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users. From 2003 forth, many new sites were launched including MySpace, Visible Path, Xing, 

Google's Orkut, Microsoft's Windows Live Spaces, Flickr, and Last.FM with regional or global 

acceptance and high intensity of users (Safko, 2010; Boyd & Ellison, 2007).  

In September 2005, Facebook which was initially designed to be selective and limited to 

its founders and students in Harvard university, expanded to be an open public networking site 

(Safko, 2010), and since then it has been the most popular Social Media sites with 1.28 billion 

monthly active users (Whittaker, 2014). Qzone created in 2005, is the most popular SM site in 

China and second in the world after Facebook (Statista, 2014a), as a common feature to SM, it 

allows users to create, share and view contents such as blogs, photos, music, and videos.  

By 2006, YouTube, Facebook, and Twitter gained prominence and remained perennial 

favorite among the most SM sites on the Internet. Meanwhile, sites like Spotify, Pinterest, 

Foursquare, and Tumblr were created for specific Social Media functions and have also gained 

popularity (Digitaltrends, 2014). 

	

Today, there is a wide variety of SM sites with an environment where individuals and 

organizations can reach enormous number of people for different purposes without the typical 

barriers of distance, costs, and time. The future of SM cannot be predicted but it will obviously 

exist in some form or another as long as humans are alive (Digitaltrends, 2014). Even if the 

present popular sites such as Twitter and Facebook cease to exist or lose domination, others will 

replace them (Bushey, 2010), therefore SM seem to be an ongoing tool with various business 

opportunities for organizations. 
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2.3.3 SM background and findings 

An increasing number of articles are published recently on the benefits and drawbacks of 

SM in business. In the studies conducted on the applicability and functionalities of SM, one 

common feature we came across in almost all articles was the ease of access to the customers. 

The other benefits are product and service reviews and recommendations provided by users 

(Abbasi & Liu, 2013), facilitated and increased connectedness and communication with 

customers (Safko, 2010; Power & Phillips-Wren, 2011). Therefore, one way SM can contribute 

to business is the contents the users share, although, the quality of them can vary from excellent 

to abuse and spam (Agichtein et al., 2008). Harrysson et al. (2012) argue that the high quality 

contents can potentially be of value and benefit to competitors and suppliers. Bulmer & DiMauro 

(2010-2011) found that the key drivers for business use of SM are connecting and collaborating. 

This convenient connectedness can enable marketers and managers for improved decision-

making. Furthermore, Power and Phillips-Wren (2011) regard SM as valuable decision-support 

tools for managers and argue that the activities on them offer valuable data to those seeking 

insight into the current trends of the business and even the future of it. Tang et al. (2012) found 

that marketing managers who are more active on SM are more likely to gather valuable data to 

support their decision processes. Kietzmann et al. (2011) sustain that a company’s reputation, 

sales, and even survival can be significantly influenced by SM, but many managers still ignore 

such capabilities and do not understand what they are and how to engage with them. Table 2.4 

presents a selection of articles and theses that studied the business benefits of SM sites.  

Table 2.3  
Selection of Studies on the Business Benefits of Social Media  
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Author(s) Key findings 
(Bulmer & DiMauro, 2010) increasingly facilitates executive decision making 

(Auditore, 2011) 
 

as the new flow of influence,  SM are forming new forms of 
word of mouth, advertising, and marketing 

(Bulmer & DiMauro, 2009) are disrupting traditional decision-making processes in 
organizations 

(Reed, 2011) individuals referred from SM are more likely to purchase, and 
more satisfied with their online purchases 

(Power & Phillips-Wren, 2011) can provide predictions on trends, opinions and other marketing 
issues 

(Liu et al., 2006) users tastes can reveal valuable marketing information 

(Meredith & O'Donnell, 2011) are powerful tools to support the social aspects of decision 
making 

(Bergstrand et al., 2011) act as a supplement to traditional methods of feedback 
collection  

(Kvick-Nastaj et al., 2013) increase recognition and reception 

(Yaro et al., 2013) create new & strong relationships with customers  

(Granholm et al., 2011) B2B companies lack control over the data they distribute on SM 

(Granholm et al., 2011) establish customer relationship and interactions and offer 
valuable information 

(Chaudhary et al., 2011) can provide insights on consumers behavior and taste 

(Amerian et al., 2012) create, maintain and reinforce relationship & interaction  with 
customers and mass media experts 

(Westman et al., 2012) flatten the organizational hierarchy, remove geographical 
barriers, spread values, and build corporate culture 

(Fridolf et al., 2011) as a cost effective way tool, strengthen corporate identity, create 
relationships, and build confidence for a company 

(Fjellman et al., 2012) increase sales and retail operations 

(Strand et al., 2012) are valuable tools in a B2B perspective 

It is evident from the above table that the main area of influence by SM are cost 

reduction, improved efficiency of market research and decision-making, as well as facilitated 

communication, interaction, word of mouth, advertising, and marketing tools.  

2.4 Social Media and CI 

The field of CI has experienced remarkable growth and legitimacy in the past decades 

due to the developments in IT and analysis techniques (Prescott, 1995). In addition, the Internet 

technologies experiencing massive changes from their starting point and emerging phase through 

the dramatic increase of interests in 1999 and late 2000 (Dai & Kauffman, 2002). Internet-based 
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information sources are becoming increasingly important in the CI process. Companies are 

increasingly mining the Internet for CI, and management literature continue to illuminate they 

ways to leverage the Internet for market research, customer research, customer relations, 

customer service, and patent research (Teo & Choo, 2001). This is done to monitor and search 

the sites of competitors, partners, suppliers, and possible collaborators (Chen et al., 2002) and to 

disseminate the information to decision-makers in a cost-effective manner (Graef, 1997). These 

valuable data have made the Internet one of the most significant resources for CI data collection 

(Chen et al., 2002). The amount of information in the Internet is sometimes so overwhelming, CI 

professionals face the issue of information overload (ibid). Table 2.4 adapted from Vuori & 

Väisänen (2009) illustrates the types of web resources that CI can gather data from. 

Table 2.4  
CI Resources on the Internet 

Type of Competitive Intelligence Web resources 
People events News, company websites 
Competitor strategies – Technology investment 
etc. 

News, discussion forum, blogs, patent search 
sites 

Consumer sentiments Review sites, SM sites 
Promotional events and pricing Twitter, Facebook 
Related real-world events News, Twitter, Facebook 

Among the recently emerged sources of data in the Internet are SM that provide access to 

massive data. With the increasing number of users on Facebook and other SM sites, more 

integrated business activities are expected to occur for different purposes such as generating 

leads and revenue (Bodnar & Cohen, 2011) or promoting brands (Saravanakumar & 

Suganthalakshmi, 2012). Additionally, SM is also gaining popularity in CI too, and professionals 

are interested in finding ways to use Twitter, LinkedIn, Facebook, blogs and other SM sites for 

CI purposes (Vuori & Väisänen, 2009). Although, the frontiers of applying SM in business have 

been for marketing and communication departments to promote their products and reach 

customers, other parts of business such as CI may also benefit from SM (ibid). SM may help 
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companies act smarter and wiser instead of harder (Bodnar & Cohen, 2011), maybe through 

obtaining insights on customer preferences, supplier selection, the process technologies of 

competitors, market research, critical external knowledge, and economic trends to support 

strategic decisions (Teo & Choo, 2001).  

According to Sarkees (2011) and Bodnar & Cohen (2011), B2B companies are better 

suited for SM activities than B2C companies, the reason, they argue, is that SM sites provide a 

better platform for educating and interacting with prospects through shared content and 

facilitated relationships, which provide information about competitors on their technology 

investments, vision announcements, product launch, promotions, brand sentiment, etc. This can 

be one of the key features sought by companies in their quest of success in an Internet-based 

marketing. Improving lead quality and reducing sales cycle length are the other features studied 

by (Bodnar & Cohen, 2011). However, there are marketers and managers who are not convinced 

on the effectiveness of SM-based CI and demand evidence of ROI before investing time, money, 

and efforts on it, or there are managers who solely rely on their instincts on applying Social 

Media capabilities (Hoffman & Fodor, 2010). Nevertheless, a few studies have shown that SM is 

a rich yet measurable environment for such activities (Bodnar & Cohen, 2011), and companies 

have had some success in measuring the ROI of their SM activities (Hoffman & Fodor, 2010). 

However, this has been mostly true for determining or measuring the value of marketing at B2C 

level and not B2B (Subramaniam & Shaw, 2002).  

Internet capabilities from a B2B marketing perspective are studied by some researchers 

as listed in the previous sections, however the current body of literature on the functionalities and 

capabilities of Social Media sites in the context of B2B are not comprehensive (Subramaniam & 
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Shaw, 2002). An evaluation on the success or failure of B2C marketing on SM can be done 

through metrics such as the number of product reviews, blog posts, comments, mentions, and 

retweets, etc. (Hoffman & Fodor, 2010). Nevertheless, the value and impact of SM on B2B 

objectives are not as easy to measure, and requires different approach and tools as the nature of 

B2B marketing is different (Subramaniam & Shaw, 2002). Having right tools and appropriate 

data, correctly identifying, collecting, analyzing such data and their relations, and appropriately 

applying the findings to the strategies or decision-making processes are just the fundamentals for 

any type of assessments on SM efficiency, yet the answer as to how best to measure the 

effectiveness of SM remains largely unsatisfying to managers (Hoffman & Fodor, 2010). Figure 

2.2 illustrates the basics of data extraction and utilization form SM proposed by (Dey et al., 

2011). 

Figure 2.1 
SM Data Extraction and Utilization Process (Dey et al., 2011) 

 

As discussed earlier, SMs can provide undefined data that can be transformed into 

meaningful information for the use of decision makers’ through CI, therefore, SM have the 

potential to assist CI in acting as an information source (Vuori & Väisänen, 2009). According to 

the same authors, data gathering is typically a difficult and time-consuming task, however, 

despite the fact that SM contents can be short and noisy (Dey et al., 2011), they can assist in 

information source identification and data gathering (Vuori & Väisänen, 2009) about the 

competitors, on particular, and about the external environment, in general, such data may include 

technological, ecological, socio-political, and economic trends (Prescott, 1995).  
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The CI process exploits various sources and methods to gather data required to 

incorporate into CI process. Some of them such as consultant reports or statutory financial 

information are published and publicly available, while other unpublished information such as a 

company’s plans of entering a new market region or upcoming changes in legislation may be 

hard or even impossible to gain. However, identifying the right sources may make data-gathering 

a more possible task. Vuori & Väisänen (2009) suggest that identifying the right sources is 

usually a demanding and time-consuming task but SM can assist this process. Dey (2011) points 

out that gathering and analyzing data are greatly specialized and difficult to automate, 

nevertheless, the changing nature of the business environments and the increasing availability of 

information on the Internet have aided the design of data gathering and analysis. Traditionally, 

data gathering and analysis were heavily relied on data often provided by surveys and third-party 

reports. The availability of such resources on the Internet ensures a large volume of information, 

which identified and analyzed in proper perspective and in a timely manner can of assistance to 

CI teams.  

In order to have appropriate metrics to measure the efficiency of SM in a B2B context, 

the unique characteristics of SM need to be tested against the business objectives (Kietzmann et 

al., 2011). The two key constituents of CI, as discussed earlier, are information sharing and 

information gathering. CI is intended to boil down to one area of management: decision-making. 

Thus, one way to measure the efficiency of a particular SM can be weighing its impact on CI and 

consequently decision-making of an organization.  
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3 Operationalization of Research Concepts 

3.1 Chapter Overview 

This chapter presents an integration of the previous chapter into our research model to 

unfold the relationship among the variables of the study. It also details the research questions and 

hypotheses and then continues with the operationalization of variables. In this study, the external 

data and data about competitors are the intermediate variables for SM. These two intermediate 

variables together accumulate to the efficiency of SM as a content generation tool in general and 

as the independent variable in this study. CI acts as the dependent variable, which includes the 

constructs of strategic, tactical, and operational decisions.  

3.2 Research Questions and Hypotheses 

Through the literature review, presented in Chapter 2, we explained the causes of the 

dependent variable (CI) in areas such the Internet that can act as a content generation tool and 

platforms for gaining CI along with a number of other sources as listed in Figure 3.1, which 

ultimately should lead to decisions taken to improve or conduct courses of actions in a business.  

Figure 3.1  
CI model for generating content and business action. (Adapted from ShiftCentral, 2014) 
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We made a list of the theoretical standpoints and platforms, and considered an alternative or 

complementary tool for CI, namely SM. This provided a ground for the analysis of the efficiency 

of data gained from SM at an organizational level, in a B2B context, and with no regional 

constraints, and a comparison with those gained from other conventional sources of content 

generation.  

CI enables organizations to make informed and intelligent long-term or short-term 

decisions (Dey et al., 2011). Such decisions are called strategic when they cover “strategic” 

moves of an organization with the focus on the analysis of long-term competitiveness issues 

(Prescott, 1995). On the other hand, tactical decisions cover “tactical” steps taken for assisting 

short-term objectives (Dey et al., 2011). Operational decisions cover “operational” acts which 

include the routine and day-to-day activities of a business mainly taken by middle managers 

(Mack et al., 2004). These decision are more effective and informed when they are supported by 

adequate and suitable data that are typically incorporated directly or indirectly through CI (Dey 

et al., 2011). Therefore, organizations need to apply and leverage reliable and appropriate 

resources to gain such data.  

CI exploits various sources and methods to gather data, traditionally relying on surveys 

and third-party reports, nevertheless as Dey (2011) sustains increasing availability of information 

on the Internet aids such process. One platform for gaining content on the Internet can be Social 

Media. As discussed in the previous chapter, literature suggest that SM can be an invaluable 

source for different organizational purposes, as an example they can assist generating leads and 

revenue (Bodnar & Cohen, 2011) or promoting brands (Saravanakumar & Suganthalakshmi, 

2012). In addition, SM can help companies decide smarter and wiser (Bodnar & Cohen, 2011), 

through the undefined data transformed into meaningful information for the use of decision 
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makers (Vuori & Väisänen, 2009). Therefore they can be reliable data gathering tools and 

information source identification (Vuori & Väisänen, 2009). Following these concepts, this 

thesis posits that SM can contribute to CI. Therefore, we hypothesize that:  

§ H1: Social Media can contribute to CI by providing the necessary data required to 
back decision making at a B2B organization 	

SM sites provide a platform for educating and interacting with prospects through shared 

content and facilitated relationships, which provide information about competitors on their 

technology investments, vision announcements, product launch, promotions, brand sentiment, 

etc. (Sarkees, 2011; Bodnar & Cohen, 2011). According to the same authors, data gathering is 

typically a difficult and time-consuming task, however, despite the fact that SM contents can be 

short and noisy (Dey et al., 2011), they can assist in information source identification and data 

gathering about the competitors (ibid). According to the same author, such data may include 

market information on the popularity of competitors in terms of products or brands, their market 

share, regional or geographical biases, their consumer sentiments, products or services, etc.. 

Thus, we hypothesize: 

§ H2: Social Media can provide data on customers that can effectively be applied 
to CI and decision making processes 	

Data on technological, ecological, socio-political, and economic trends that an 

organization needs in order to make more informed and therefore, effective decisions are referred 

to as external environment data (Prescott, 1995), which are simply referred to as “external data” 

for the purpose of this study. Obtaining data on the possibilities and threats an organization faces 

from its external business environment is a must (Prescott, 1995) and often a challenging, costly 

and time-consuming process (Vuori & Väisänen, 2009). Such data may be partially available to 

an organization through collective experience and knowledge already existing within a company 

(Prescott, 1995), nevertheless, more comprehensive, effective, and updated knowledge on 
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possibilities and threats from external environment is vital (David, 2013; Prescott, 1995). These 

data and knowledge have to be suitable regarding competitive issues and devoid of superfluous, 

redundant or unreliable information (Murphy, 2005). Among various sources for gaining data on 

external environment in a B2B environment is the Internet (Avlonitis & Karayanni, 2000). We 

posit that Social Media too, as part of the vast realm of the Internet, may play a role as effective 

as the Internet in external data collection. Therefore, we hypothesize that: 

§ H3: Social Media can provide data on external environment that can effectively 
be applied to CI and decision making processes  

Critical aspects of decision-making such as marketing, investment, and strategic planning 

(Chen et al., 2002) requires ongoing research on the market and that makes CI a critical 

component of a business (Quoniam, 2013). CI can deliver a deeper and richer insight into the 

dynamics of the industry, and the moves and strategies of the competitors to help managers with 

their critical and strategic decisions on the future of their organization (The Mezzanine Group, 

2012). In a B2B context, this knowledge allows more effective strategic decisions (Chen et al., 

2002; Prescott, 1995). CI is different from general business data and information collection 

processes, such as transaction figures, growth rate, etc. in that it is of strategic significance (Chen 

et al., 2002), in which the focus is placed upon the analysis of long-term competitiveness issues 

and the position of the organization in the future (Prescott, 1995). Strategic decisions involve 

resources configuration, goal formulation, problem identification, alternatives selection, 

generation and evaluation (Schwenk, 1984) and are made to meet an organization’s vision and 

mission with significant and long-lasting ramifications (Mack et al., 2004).  

Teo & Choo (2001) posit that the data gained from the Internet can lead to effective 

strategic decisions by providing insights on customer preferences, supplier selection, the process 

technologies of competitors, market research, critical external knowledge, and economic trends. 
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We may infer then, that SM as a trend in the Internet can be valuable and reliable sources for 

collecting data, either on competitors or on external environment, and can meet the criteria of 

supporting decisions-making, i.e. the data are well-structured and contain little or no uncertainty 

(Radford, 1988). Thus, we hypothesize: 

§ H4: Data driven from Social Media can contribute to CI in making effective 
strategic decisions  

Tactical intelligence refers to the gathered data that are processed and turned into 

knowledge to assist short-term decisions, which mainly involves analysis of the competition 

status and current market share (Prescott, 1995; Dey, 2011). Tactical decisions involve 

implementation of strategic decisions, and are narrowly focused on short term goals established 

by senior managers (Eisenhardt & Zbaracki, 1992). Data on the competitors and market such as 

current market share, the popularity of products or brands, regional or geographical biases, 

consumer sentiments, and products or services prices that typically deal with sales processes are 

among the data that can be applied support such type of decisions (Dey, 2011). Based on these 

concepts, we assume that SM similar to other sources such as the market research can provide 

such data, and therefore hypothesize that: 

§ H5: Data driven from Social Media can contribute to CI in making effective 
tactical decisions  

Operational decisions are mainly taken by middle managers over relatively minor 

implications with minimal ramifications on operations external and political issues (Mack et al., 

2004). We posit that SM, similar to the other sources for gaining data, can provide reliable and 

effective information to support such decisions. As the other types of decision-making, the data 

required to support and inform this type of decision-making need to be precise, valuable, and 

reliable (Kourdi, 2003). The operational level activities include performing manufacturing tasks, 
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the availability of facilities such as parts, issues regarding the employees, delivery of services 

and products to customers, production planning and scheduling, inventory management, etc. 

(Schmidt & Wilhelm, 2000). The data to support such decisions can include sales forecast, price 

fluctuations in raw materials, popularity of products, etc. that are typically gained from the 

internal sources of an organization (ibid). Nevertheless, to test if this concept is true for SM in 

terms of the data they provide we hypothesize that: 

§ H6: Data driven from Social Media can contribute to CI in making effective 
operational decisions 	

The following model that indicates the relationships among the variable of the study 

consist of multiple concrete dimensions. These dimensions and their scalability, i.e. the extent to 

which they belong together (Garson, 2001) are presented in Chapter 5.  

 
Figure 3.1  
The research model 
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3.3 Operationalization of variables 

This section presents the operationalization of the variables that we attempted to 

investigate in the study. Sample selection, data collection methods, questionnaire design, and the 

statistical methods follow in the next chapters. Definitions are provided on the literally standard 

terms in the literature review; yet, the variables are operationalized in this section to provide a 

more robust coverage on them. 

3.3.1 CI and decision-making 

CI is the process of knowing what the competitors “are up to”, and applying such 

knowledge in the short and long-term strategic (Ettorre,1995). CI is also applied to compare own 

performance against competitors, to identify opportunities, risks, and threats in their markets, etc. 

to ultimately be able to take more informed and intelligent knowledge decisions response (Dey, 

2011). In this study, the CI questions and statements including the demographic items are mainly 

developed drawing on CI Market Research by Frost & Sullivan (2013) and the largest survey of 

“leading-edge” competitor intelligence managers by Prescott & Smith (1989). We used a 5-

point Likert scale to measure the items for this construct. CI ultimately leads to business actions 

that require at least three types of decisions: strategic, tactical, and operational, the nature and 

type of which are discussed earlier in this chapter. The constructs for strategic and tactical 

decision-making as the dependent variables of the study are adapted from the items and models 

proposed by Chen et al. (2002) and Dey (2011). The operational decisions items are adapted 

from Schmidt & Wilhelm (2000). All the items for these variables are measured using a 5-point 

Likert scale. 
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3.3.2 Social Media 

SM are the social interaction platforms and applications available to individuals and 

organizations to interact and communicate with one another through online technologies that 

allow creating, sharing, discussing, and modifying different types of content such as text, image, 

video, etc. (Power & Phillips-Wren, 2011; Safko, 2010). We adapted Social Media as newly 

developed variable and a content generation tool for CI. In this study, this variable acts as the 

independent variable, and is adapted drawing on the instruments applied by Teo & Choo (2001) 

who tested the he application of the Internet as a general platform and content generation tool for 

CI. This instrument was applied for SM with modifications so as to fit our narrowed-down topic 

which is a part of the broader area of the Internet.  

3.3.3 External data 

To incorporate higher value into CI, organizations also need to carry out tasks that 

involve monitoring the external environment for gaining data on issues other than competitors 

such as new areas and trends of technology, regulators, alliances, mergers and acquisitions, etc., 

a process which requires regular examining of the sources and reporting data to the core 

audience (Prescott, 1995). According to the same author, the data gained about the external 

environment provides insights and experiences for the organization providing that rigorous and 

sound interpretation and analyses are applied on them, this way such data should result in a 

proper and timely assessment of external conditions and a better support of decision-making. In 

this study, the data in external environment (external data) acts as an intermediate variable for 

SM and is measured drawing on the Prescott's (1995) items. We used a 5-point Likert scale to 

measure this construct. 
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3.3.4 Competitors 

Dey (2011) sustains that CI should provide the decision makers with adequate knowledge 

about the strengths and weaknesses of their competitors to ensure more efficient and informed 

decisions. The same author presents a framework for data integration and analysis fed by data 

related to competitors such as their strategies and activities, success or failure of products, etc. 

Therefore, identifying competitors and information sources related to them as well as gathering 

and analyzing the collected data are of significant importance for decision makers. Becoming 

and remaining cognizant of the issues related to the competitors such as the areas in which 

competitors are more probable to make developments and their intentions should be taken into 

consideration through careful monitoring of the identified sources (Prescott, 1995). Such sources 

can involve interaction with their customers, partners, employees, suppliers, industry experts, 

and other well-informed parties; creating competitors profiles; attending conferences and trade 

shows etc. with the aim of collecting data on what they are up to and incorporating that 

information into CI to support any type of decisions required for particular purposes of an 

organization (ibid). One tool almost readily available at the disposal of organizations is SM. In this 

study, we developed a construct for the data that are accessible about competitors from SM. This 

construct acts an intermediate variable for the independent variable of SM and is developed by 

adopting Dey’s (2011) items where the author categorizes the necessary data an organization 

needs to collect about its competitors from different sources. A 5-point Likert scale was used to 

measure this construct. The items are measured by a 5-point Likert scale. Table 3.1 shows 

operationalization of the variables of the current study. 
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Table 3.1  
Operationalization of the Dependent, Intermediate, and Independent Variables 

	

M

ultiv

ariat

e 

tech
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e of factor analysis is applied to verify whether the various measures within each construct 

collectively represent the construct. We applied exploratory factor analysis which is suitable 

when the researchers has no expectations of the nature or number of newly developed 

independent and intermediate variables, or when the items are joined with the other similar 

variables adapted from the other instruments (Williams et al., 2012; Hair et al., 2013). This is 

comprehensively clarified in chapters 4 and 5. 

	

  

 Number of Items Sources Adaption method 

Demographic and specific CI items 13 Frost & Sullivan (2013) 
Prescott & Smith (1989) Directly applied 

Strategic decision-making 6 Dey (2011) Adapted 

Tactical decision-making 14 Chen et al. (2002) Adapted 

Operational decision-making 6 Schmidt & Wilhelm (2000) Adapted 

Social media 29 Teo & Choo (2001) Adapted 

Competitors data 19 Prescott's (1995) 
Dey (2011) Adapted 

External data 10 Prescott (1995) Adapted 
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4 Methodology 

In this chapter, we address the research methods adapted in the thesis. This includes 

research methodological approach and strategy, the procedures for data collection and analysis, 

testing the reliability and validity of the instrument, and the design and development of 

instrument. We also explain the reasons for selecting the method and design, the population and 

sample selection, and clarify on how we administered empirical data analysis. 

4.1 Approach  

In conducting a research project, the proper research approach needs to be defined and 

selected to gain an understanding of the research objectives and to specify procedure for the 

research (Saunders et al., 2011), this is to provide the reasoning approaches as to why the 

research is being carried out. There are two approaches in conducting a research, inductive or 

deductive (Saunders et al., 2011; Trochim & Donnelly, 2001). The next section explains and 

clarifies the approach of this study. 

4.1.1 Deductive, inductive, and abductive approaches  

A research project involves the use of theory and the extent to which this procedure is 

clearly stated raises an essential question regarding the design of the research project: whether 

the research is using a deductive, inductive, or abductive approach. In a deductive approach, 

available theories or hypotheses are identified from the literature and a research strategy is 

conducted to test their implications, while in an inductive approach, first data is collected and 

then, as a result, a theory is developed (Zikmund et al., 2012), and the abductive approach is 
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when an existing phenomenon is looked at from a different angle and hypothesis are built upon 

(van Hoek et al., 2005).  

Inductive goes through observations about the phenomena to propositions and 

generalization in theoretical framework (Zikmund et al., 2012). According to the same authors, 

“reasoning is the logical process of establishing a general proposition on the basis of observation 

of particular facts.” Inductive approach and reasoning are bottom-up methods, which draw 

common inferences through observations; this is when the researcher observes specific 

phenomenon using different research methods to collect data to distinguish connections and 

patterns. These drawn patterns are later applied to develop and test hypotheses and their 

implications and draw general conclusions and principles that can result in the outcome of a new 

theory (Saunders et al., 2011). Therefore, in inductive approach, the researcher moves from 

specific observations to more generalized conclusions, theories, confirmations, or rejections for 

the developed theories (Saunders et al., 2011; Trochim & Donnelly, 2001). 

On the other hand, at an abstract and conceptual level, a theory may be developed with 

deductive reasoning through going from a general principal or statement to a specific assertion 

(Zikmund et al., 2012). In deductive approach, the researcher scans literature review, derives 

conclusions, presents propositions and hypotheses, and tests them in an empirical setting to 

present general conclusions based on the confirmation or rejection of the self-generated 

propositions and hypotheses (van Hoek et al., 2005). Deductive approach has a specific nature 

and top-down characteristics, i.e. beginning with a general subject and then narrowing it down to 

a specific one through testing and analyzing it and finally confirming or rejecting the hypothesis 

through the collected data (Saunders et al., 2011; Trochim & Donnelly, 2001). This process starts 

with the researcher deducing a hypothesis about a specific phenomenon and testing it through 
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empirical analysis and common knowledge, the deduced hypothesis and theory drive the data 

collection process (Zikmund et al., 2012). Subsequently, the analysis of the data leads to findings 

that either confirm or reject the hypothesis (ibid).  

A third, less known research approach is abductive reasoning (Spens & Kovács, 2006), 

which is the method adopted in this research. Van Hoek et al. (2005) suggest that an abductive 

approach is used when the researchers are taking a new approach to an existing phenomenon, or 

looking at it from a different angle. For the case of the current study, the existing phenomenon of 

SM is looked at from DM angle in B2B organizations. This method interprets or re-

contextualizes a phenomenon within a contextual framework to perceive, measure, and 

understand it from a different, new angle and conceptual framework (van Hoek et al., 2005). 

This is conducted through both creating theory and using empirical study (ibid). The process 

begins with a factual phenomenon and observation, with previous theoretical knowledge also 

being present, though unable to explain the phenomenon (Spens & Kovács, 2006). In this 

approach, an empirical phenomenon related to a previous theory or principle offers new insight 

or assumption about it (ibid). The abductive approach helps to determine the aspects of a 

phenomenon that may be generalizable (ibid). In this method, data collection and theory building 

occur simultaneously by going ‘back and forth’ from empirical observations to theory, which per 

se can expand the researcher’s understanding of both empirical phenomena and the theory 

(Dubois & Gadde, 2002). The aim of the process is to gain an understanding over the new 

phenomenon and to propose a new theory (van Hoek et al., 2005). Abductive approach closes 

with the implication of new theory in an empirical setting, which is also, be a character of 

deductive research (ibid). Thus, an abductive approach is not simply a combination of deductive 

and inductive approaches (Dubois & Gadde, 2002). It is when the researcher’s aims at 
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discovering new concepts, variables, and relationships to an existing theoretical framework, and 

developing models, rather than confirming existing theories (ibid). One main difference of 

abductive approach and deductive and inductive is the successive modification of the original 

framework through insights gained from empirical and theoretical findings (ibid). 

This study is founded on the frame of reference theories and theoretical propositions 

adopted from the relevant literature. In order to find proper theoretical frameworks to describe 

the effectiveness of Social Media-powered CI in decision-making processes, and utilize it in data 

collection and hypothesis testing, we first had an in-depth review of the Competitive Intelligence 

related literature to gain a comprehensive understanding for the principles, definition, history, 

implication, functions, and significance of CI. Furthermore, we explored the implications of CI 

in B2B organizations through the related literature in order to obtain the theoretical framework 

for procedures in such environment. Thirdly, we investigated different functions ad implications 

of the Internet in general, and SM in particular to gain an understating on their probable 

functionalities and key factors they may provide to business in gaining CI. Afterwards, we 

reviewed, selected, and analyzed the key features of CI that can be provided or even enhanced by 

SM that can be successfully applied by decision makers to make any of the strategic, technical, 

or operational decisions.  

4.1.2 Qualitative vs. quantitative approach 

The next element concerning research approach is the method of data collection and 

analysis. One of the main objectives in a research is to obtain new information and knowledge in 

order to be able to explain different phenomena. The strategies and methods contributing to a 

research approach are referred to as quantitative or qualitative seen as two distinctive directions 

for carrying out a business research (Zikmund et al. 2010). As the words imply, qualitative 
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research is more concerned with qualities, while quantitative research deals with quantities, 

numbers and statistical procedures to numerically measure variables or relationships (ibid).  

In qualitative research, the collected data in forms of words, illustrations, observations, 

etc. rather than quantification figures are used to explain what lies behind a concept or 

phenomena (Creswell, 2013; Zikmund et al., 2012). Here, the researcher tries to answer 

questions such as what, who, where and when, through collecting open-ended and emerging data 

and then applying verbal analysis procedures to construct the results, thus qualitative research is 

said to be more subjective and based on the researcher’s interpretation (Zikmund et al., 2012). 

With the intent to gain an in-depth understanding of the area under the study and to develop a 

pattern or theory, the researcher primarily relies on his/her constructivist perspectives (the 

socially and historically accumulated experiences) and his/her attitudes (political, collaborative, 

issue-oriented, or change-oriented) or a combination of both (Creswell, 2013). Typically, a 

smaller but more focused sample size is preferred to large samples in qualitative approach. 

According to Creswell (2013), strategies associated with this approach include ethnographies, 

grounded theory, case studies, phenomenological research, and narrative research. 

On the other hand, in a quantitative approach, adopted in this study, the researcher 

primarily attempts to study the relationship between variables but not a process, and employs 

predetermined instruments and inquiry strategies to obtain statistical data (Creswell, 2013). In 

this approach, information is converted to numeric data to answer and explain questions such as 

how much, how often, and how many (Zikmund et al., 2012). A quantitative method is more 

effective when dealing with large numbers through questionnaires or surveys to extract attitudes 
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and opinions (ibid). Creswell (2013) sustains that two strategies of inquiry are associated with 

the approach that include experiments and surveys. 

Finally, a combination of the two methods can be applied in a research where the 

researcher tends to base the hypothesis on pragmatic grounds (e.g., pluralistic, and consequence-

centered), which involves strategies of data collection either sequentially or simultaneously to 

best address the research problems (Creswell, 2013). The same author suggests that the three 

strategies within this approach. The first is sequential procedures, in which the findings of one 

method are elaborated or expanded with another method. The second is concurrent procedures, 

in which the quantitative and qualitative data are converged to provide a broad analysis of the 

research problem, and the third is transformative procedures, in which a theoretical perspective is 

applied to provide a framework for methods of data collection, outcomes, or anticipated changes. 

4.2 Research Purpose 

According to Saunders et al. (2011), in order to formulate a research problem, specifying 

the research purpose is a prerequisite. A research purpose can be descriptive, explanatory, or 

exploratory.  

A descriptive study seeks to draw a precise description of specific individuals, 

phenomena, setting, events, organizations, or environments (Saunders et al., 2011; Zikmund et 

al., 2012). It requires clear understanding and definition of the problem before the research 

begins and provides answers to questions such as what, who, where, when, and how, or shows 

the existing attitudes toward an issue (Saunders et al., 2011). Surveys typify descriptive studies 

(Zikmund et al., 2012).  
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An explanatory study or causal study (Zikmund et al., 2012) is a fact-finding research, 

which seeks to discover or build causal relationship and correlation between variables by 

examining specific problems or circumstances. It is used when a small amount of information 

exists on the topic and the goal is to gain a holistic picture (Saunders et al., 2011) to be able to 

make educated predictions on the cause-and-effect relationships (Zikmund et al., 2012). 

Explanatory studies can be conducted through literature research, focus groups, interviews, etc. 

(Saunders et al., 2011). Descriptive studies are likely to be mixed with explanatory researches 

when they are known as descripto-explanatory.  

An exploratory research is when the researcher does not know much beforehand and tries 

to understand and evaluate what is happening to gain new insights and perspectives toward a 

problem and phenomenon (Saunders et al., 2011). There are three main ways of conducting an 

exploratory research: researching literature, conducting expert interviews, and interviewing focus 

groups (ibid). Exploratory researches are flexible to change, as new information and knowledge 

might be discovered, and are appropriate when a partial knowledge to an issue is available only 

and more data are required to gain a theoretical framework (ibid).  

Considering the three methods, this thesis will be descriptive in nature with elements of 

explanatory studies. An explanatory study is an appropriate method to portray the relationship 

between the specific and almost new phenomenon of Social Media in a B2B context with 

gaining CI. The thesis focuses on describing the existing functions of CI in B2B organization 

(revealing the descriptive nature of the study), while, explaining the effect of the functions SM 

contribute to CI-powered decision-making processes. In other words, the dimensions, models, or 

theories regarding the efficiency of SM in gaining CI are weighed against the existing models of 
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CI effectiveness; therefore, through literature review and conducting survey we sought to 

develop a framework leading to empirical data. In addition, through a descriptive study, we focus 

on understanding and identifying CI functions in B2B organizations that can be gained or 

boosted through SM.  

4.3 Research Strategy 

The research strategy in this thesis is survey. A survey is a tool for collecting data about 

the actions or opinions of a large group of individuals or organization referred to as population; 

this can include opinion surveys, marketing surveys, political polls, etc. (Pinsonneault & 

Kraemer, 1993). A survey has distinct characteristics and is different from the other research 

strategies mainly in three aspects: structured and predefined questions, quantitative approach, 

and a sample that acts as a fraction of a population for collecting data (Yin, 2013).  

According to Saunders et al. (2011), surveys are suitable tools when four conditions are 

met, 1) the research seeks to answer questions of “why” or “what” i.e. "what is happening?", and 

“why and how is it happening?", and similar questions such as “how much” and “how many”. It 

therefore tends to be applied in a descriptive research; 2) when the control of dependent and 

independent variables are not desirable or possible; 3) the topics of research need to be studied in 

their natural setting; and 4) the topic is occurring at the present or recent time. This research 

meets such criteria. 

We seek to investigate B2B decision-makers perception and attitude toward the use of 

SM as a tool for gaining CI and see how such perceptions compare with that in other CI 

gathering sources. This per se reveals the descriptive nature of the study for which survey 

strategy is typically the most suitable (Zikmund et al., 2012). The data collected through survey 
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are used to suggest reasons for the existence of particular relationships between variables and to 

generate models from such relationships (Saunders et al., 2011), which is an indicator of the 

explanatory nature of this study. Furthermore, when a large amount of data is required to test the 

model and draw conclusions, making data collection through interviews or observation is quite 

impractical (ibid). Through categorical and continuous measures (Pinsonneault & Kraemer, 

1993) a survey strategy allows collecting quantitative data that can be analyzed quantitatively 

through descriptive and inferential statistics (Saunders et al., 2011). 

Within management and business research, one of the means and the greatest use of 

applying survey strategy is through questionnaires (Saunders et al., 2011). Nevertheless, the 

followings should be observed before designing a questionnaire in order to make it more 

effective and reliable in gathering data: a careful design for the statements, agreeable layout, a 

clear explanation of the purpose, pilot testing and careful administration (ibid). In this research, 

an Internet-mediated or online questionnaire is administered to collect data. Such questionnaires 

are beneficial in that the responses can be collected from a large number of people in a timely 

manner, at a relatively low cost, and with results instantly available for review and analysis 

(Dillman, 2000).  

4.4 Sample Selection  

The questions and statement of the questionnaire were partially adopted from previous CI 

research proven to be of high validity and reliability, and partially from the literature. Thus, in 

order to test the survey, we sent the questionnaire to industry and research experts in, and 

modified it according to the feedbacks and suggestions. In addition, through Twitter.com we 

reached out to Social Media Marketers within B2B industries and asked for feedbacks, and did a 

second modification.  
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The questionnaire was designed and generated through Google Forms, which as an online 

tool that provides a convenient and timely distribution, access, and collection of data. To reach 

the target samples, using publicly available Global B2B Portal available at www.kompass.com, 

the list of B2B organizations was obtained. The list included organizations in different regions 

and countries thus to provide a ground for generalization of the data to any B2B around the 

globe. Through Kompass, we obtained a list of the companies and searched for the website and 

any available contact information such as email addresses and Social Media pages. Likewise, we 

used Twellow.com that provides the Twitter usernames and pages for organizations and 

individuals based on various filtering and keywords, and applied B2B and B2B executives and 

marketers filters to increase our contact list. Subsequently, a link to the questionnaire was 

generated through Google URL Shortener, and along with an explanation of the nature and 

purpose of the survey was sent to the companies using their email address and/or Social Media 

pages (Appendix A & B). Since this study seeks to investigate the topic of CI from a 

management viewpoint, and the impact of SM on such topic, we selected respondents who met 

the following criteria, 1) directly involved in B2B, 2) holding a managerial position, and 3) 

present in SM. The latter was important because in this study we attempted to weigh CI 

constructs based on their functions and effectiveness on decision-making in a SM context. 

Therefore, the best source to gain valuable and reliable data from those at managerial positions 

whose B2B organization utilized SM and had an adequate sense and data for success or failure of 

their presence in SM  	

The survey was emailed to 95 organizations for which we did not find any Social Media 

contact information, and a further 653 direct messages were sent to B2B companies and 

executives pages on Facebook, LinkedIn, and Twitter. A number of 82 companies and executives 
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responded in the first round. Consecutive follow-up reminder messages were sent 3 weeks after 

the initial attempt, and resulted in 44 more responses. This altogether yielded a total number of 

748 requests with 126 responses and a response rate of 16.8%. This rate of return is an 

unsurprising rate as online surveys rate are not expected to be high (Sax et al., 2003; (Dillman, 

2000)) and as survey responses have dramatically declined over time (Sax et al., 2003). Dillman 

(2000) states that surveyors face a somewhat ironic situation while applying online surveys. 

Accordingly, a huge number of a survey population can be contacted in multiple ways, because 

84% of B2B companies use one or more form of SM and all B2B organizations have email 

addresses (HubSpotInc, 2015). Nevertheless, requests to participate in surveys are typically less 

likely to be answered because of filters applied to email, or the ability to preview such messages 

without even opening them (Dillman, 2000). Thus, the technology that enables convenient, 

prompt, and wide-ranging access to intended recipients also provides respondents with means to 

avoid or ignore the requests (ibid). Yet, response rates are a secondary indicators of survey 

quality and it is a common mistake to consider it as an adequate feature as to whether 

nonresponse error exists i.e. respondents being different or irrelevant as those intended to 

respond to the survey (ibid). 

In this study, the CI constructs were weighed in a SM context, within the B2B arena. The 

constructs and their sub-constructs were assessed based on their functions and effectiveness on 

decision-making processes within an organization. Therefore, one of the best source to gain 

valuable and reliable data was CI users active on SM working in a B2B organization.  

Applying the criteria on the selection of the respondents regarding the presence in B2B, 

holing a managerial position, and presence at SM, the number of responses were further refined 

to 88, of which all were present at or applied SM for their B2B activities. Table 4.1 demonstrates 
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the percentage and frequency of SM being used among the respective organizations of the 

respondents. 

Table 4.1 
Frequency of SM Sites Applied for CI in Sample Organizations 

SM Site Frequency Percent 

Facebook, LinkedIn, and Twitter 46 65 
Facebook and LinkedIn 6 8 
Facebook and Twitter 9 13 
LinkedIn and Twitter 1 1 
Only Facebook 0 0 
Only LinkedIn 7 10 
Only Twitter 2 3 
Total 88 100 

 

4.5 Data Collection 

In most business and management research, the data collected through questionnaires are 

used for descriptive and explanatory purposes (Saunders et al., 2011). In this study, in order to 

enable comparison, we sought to describe the population’s characteristics (who applied CI and 

were active in SM) at a fixed time. Therefore, as suggested by Saunders et al. (2013) the sampler 

typically needs to administer questionnaire to a sample as representative of the population and as 

accurate as possible to be able to generalize the findings to the total population (i.e. B2B 

organizations applying CI for decision-making). In this study, empirical data are collected by the 

means of an online questionnaire administered to B2B managers and marketers to assess the 

efficiency of Social Media in gaining CI to be able to verify the hypotheses presented in the 

research.  

In addition, the researcher may need to relate the findings to earlier research. Therefore, a 

careful and in-depth review of the literature is vital (ibid). Thus, in this study, the data collection 
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was also partly based on literature review, which provided the foundations of an investigation 

and analysis on the topics of CI, B2B marketing, and SM, and provided guidelines and an 

appropriate framework for the design, administration, and analysis of the survey and results.  

4.6 Quality standards 

In this research, the credibility and quality of the survey, its data, and results are 

measured through their validity and reliability. Reliability refers to the “consistency” or 

“repeatability” of analysis procedures and data collection techniques, which indicates that 

applying the same measures and tools again and again and on other occasions or by other 

researchers yields the same findings and conclusions (Saunders et al., 2011; Yin, 2013). Validity 

is whether the measure(s) define the concept (Hair et al., 2013) or whether the results are 

representations of what we intended to measure (Saunders et al., 2011).  

4.6.1 Reliability 

One common indicator of reliability is internal consistency, which measures homogeneity 

or consistency across all sub-group questions in a questionnaire (Saunders et al., 2011; Zikmund 

et al., 2012). Internal consistency is tested through weighing the correlation of a set of related 

items or subsets that make up a measure against the other questions in the questionnaire 

(Saunders et al., 2011; Zikmund et al., 2012).  

Furthermore, as Saunders et al. (2012) state, participant error, participant bias, observer 

error, and observer bias threat the reliability of a study. participant error and participant bias 

occur when questions and statements are not clearly defined, or when the responses are not 

representative of those of the population because the participants disproportionately possess 

some dissimilar characteristics that affect the outcome of the survey (Berg, 2005). When the 
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subset of the population truly represents the population, the sample can be regarded “random,” 

(Berg, 2005) and of no participants bias. One possible cause for the sample being non-

representative is that the survey fails to reach the targeted segments of the population. The 

nonresponse bias is fully explained in the next chapter. To tackle and avoid these two issues, we 

clearly and carefully designed and administered our online survey and explicitly stated the nature 

and purpose of the research to the participants. The procedures for collecting data are described 

in the previous section. Since data collection is automatically done through a web-based 

questionnaire, that can spontaneously generate and report data, the observer error and bias, which 

are involved with the researchers errors in design, collection, analyze, report of the data at all the 

stages.  

Among various types of methods for measuring internal consistency, one of the most 

commonly used and reported most often in the literature (Hair et al., 2013; Huck et al., 2011) is 

Cronbach’s alpha or coefficient alpha which assesses the degree of consistency across items 

within a measure. It increases when high correlations exist among the items measuring the same 

construct, and decreases when the items are heterogeneous or not correlated within a construct or 

measure (Huck et al., 2011). Generally, Cronbach’s alpha ranges in value from 0 to 1, with a 

value around 0.90 being considered “excellent,” value around 0.80 “very good,” and value 

around 0.70 “adequate” (Kline, 2010).  

4.6.3 Validity 

Validity addresses the soundness of score-based inferences by the researcher, and 

whether applying the test ensures achieving intended objectives (Kline, 2010). There are various 
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types of validity including content validity, criterion-related validity, construct validity as well as 

convergent validity, discriminant validity, and external validity (Huck et al., 2011). 

Content validity concerns whether items adequately cover and represent the intended 

items (Kline, 2010; Saunders et al., 2011). Content validity is also known as face validity and is 

typically determined subjectively by evaluating the correlation between the concepts and items 

by subject experts to ensure they meet empirical and theoretical considerations (Hair et al., 

2013). In this study, content validity is addressed by asking CI and research experts in the 

industry and academia to assess and measure those statements and questions in the instrument 

including those modified, added, or different from the previously applied and validated scales 

and surveys. For an evaluation of content validity, a pilot survey along with a 5-point scale was 

sent to five experts and they were asked to assess the correlation of each items and measures. 

The results are reported in the next chapter.  

Criterion-related validity is the degree to which an instrument provides as accurate scores 

as those of a relevant external criterion that the items can be evaluated against (Huck et al., 2011; 

Kline, 2010). The scores from the questionnaire need to be compared with that of an identified 

criterion and correlating new scores with it, the results is called validity coefficient, with a higher 

value indicating higher validity (Huck et al., 2011). For the purpose of this study, some 

established and previously conducted surveys on the field of CI and the Internet marketing were 

partially adopted, incorporated, and used in our survey, and the rest were adopted through 

literature review.  

External validity is the how well the experimental results can be generalized beyond the 

current study, time, settings, and population (Saunders et al., 2011). External validity is high 
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when the sample truly represents the intended population (Zikmund et al., 2012). The implication 

would yield equal and comparable results to that of the original study when the model or 

constructs are administered or tested in different environments. In this study, we investigate the 

influence of SM on CI in the decision-making processes of B2B organizations; hence, to 

optimally represent the population, the selected sample needed to meet three criteria: applying CI 

in decision-making, being present in Social Media, and being active in a B2B environment. 

Therefore, when every member of the population are accurately listed to draw the sample from, a 

high-quality sample survey exists (Dillman, 2000). In this study, a large number of B2B 

organizations, marketers, and executives actively involved in SM were listed and sent a link to 

the survey, and only respondents who met the criteria were included in the analysis and the rest 

were excluded. Therefore, the findings of the study can be generalized to the population of B2B 

organizations that apply CI in support of their decision-making. 

Construct validity addresses whether scores measure the intended hypothetical construct 

and whether they can be generalized to the constructs (Saunders et al., 2011). Construct validity 

represents a strong relationship between the theory and practice (Huck et al., 2011). Two aspects 

of construct validity are discriminant and convergent validity which rather than an external 

standard, assess the measures against each other (Kline, 2010). A set of measures within a 

construct have convergent validity when high correlations exist among them (Hair et al., 2013). 

Alternately, a set of measures that assess constructs other than that of their intended one has 

discriminant validity with no or little correlations among them (ibid). 

One method to test the convergent validity is Factor Analysis, which is an 

interdependence technique for defining the high interrelationships (correlations) among a set of 

variables or factors (Hair et al., 2013). Applying multivariate technique of factor analysis has 
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increased in the recent years in different fields of business-related research. Multivariate analysis 

refers to statistical techniques and simultaneous analysis when variables are more than two (Hair 

et al., 2013). In factor analysis, a set of variables (factors) are tested to verify whether they 

represent a dimension (unidimensionality) within the data. This is done to either reduce the 

number of variables in a construct and creating new measures, or to study the set of variables for 

understanding the relationships among them and the dimension they collectively represent (ibid). 

Thus, by analyzing various variables in a construct (multivariate analysis) we can form or 

understand the relationships between these building blocks (Hair et al., 2013). Unidimensionality 

can be assessed through exploratory factor analysis, as adopted for this study, or confirmatory 

factor. In this study, we have applied exploratory factor analysis, which is when the researcher 

has no expectations of the nature or number of variables (Williams et al., 2012). Exploratory 

factor analysis is also appropriate when newly developed variables are joined with the others 

adapted from the other instruments (Hair et al., 2013). According to Hair et al. (2012), factor 

loadings indicate the strength of interconnectedness within a factor; accordingly, loadings of at 

least 0.3 are required for dimensionality, and the higher the loading, the stronger are the 

interrelationships. If a summated scale is realized to contain multiple dimensions, each should be 

devoted to a separate factor. As the number of variables to be considered in multivariate 

techniques increases, so does the need for increased knowledge of the structure and 

interrelationships of the variables analysis (Hair et al., 2013).   

4.7 Instrument design and data processing  

The survey type that we used in this thesis is an online browser-based questionnaire 

hosted by Google Forms. Typically, an online survey is made up of one or a series of web pages 

containing questions and statements typically programmed in hypertext markup language 
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(HTML) or similar languages and stored on a server (Dillman, 2000). Google Forms provided 

the necessary question templates for the questionnaire as well as the control over the data as its 

technology enables data reporting and limited analysis. 

Designing a survey is a complex operation that requires a clear plan (Oppenheim, 1992). 

The followings are general considerations and procedures suggested by the same author to 

consider before beginning writing questions in a survey, and the way we attempted to cover and 

apply each. 1) Identifying the main type of instrument; in this thesis, we chose an online 

questionnaire due to the nature of the survey, which required responses from decision makers 

and marketers in B2B companies in various locations. 2) The method of approaching the 

respondents; after sample selection, a group-administered questionnaire was assembled and the 

URL was sent to the samples through emails, group messaging in LinkedIn, and direct 

messaging in Twitter and Facebook. The purpose of the research, the estimated duration of 

completing the questionnaire, and issues related to confidentiality and anonymity were also 

addressed in the message. 3) Making question categories or modules within a general 

framework; we identified and specified three main modules related to decision-making and one 

two-construct of external data, and competitors data through literature review and existing CI 

questionnaires, and grouped the questions within each. The ordering of questions and scales were 

also dealt with according to the previously tested questionnaires in the field of CI. 4) The order 

of questions within each module should be related to the corresponding variables; we applied 

funneling approach suggested by Oppenheim (1992) in which a module starts with broader 

questions and narrows down to specific questions addressing very specific points.  
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Furthermore, Dillman (2000) sustains that measurement error which is the difference 

between the produced estimate and the true value occur through inaccurate answers by 

respondents because of inability or unwillingness to provide accurate answers, which can occur 

due to a poor question design, and complex terms and statements. We attempted to prevent this 

error through designing courteous, clear, and vivid explanations about the purpose of the study 

and providing a clear design of the statements and questions across the questionnaire. 

To further refine the questionnaire, we asked research experts to review the items and 

provide feedbacks regarding issues such as questions order, ambiguity, lack of explanation, and 

revised the questionnaire accordingly. In addition, we asked CI and B2B marketers from industry 

to complete the questionnaire and measure them on a 5-point scale from excellent to poor and 

comment on the appropriateness of modules and questions. The final questionnaire contains four 

main sections (Appendix A). The first section covers the respondents’ demographics. The second 

section assesses the questions related to CI-powered decision-making, and CI functions. The 

third section measures the efficiency of data gathered from Social Media. 

We adopted and developed the CI measures and demographic items drawing on CI 

Market Research by Frost & Sullivan (2013) and the largest survey of “leading-edge” 

competitor intelligence managers by Prescott & Smith (1989). The social Media constructs were 

identically arranged and stated with slight modifications by the authors to fit a B2B context as 

discussed and proposed by Teo & Choo (2001), Dey (2011), and Prescott (1995), as discussed 

earlier in section 3.3. We came up with around 75 possible questions and statements. The 

questionnaire is available in Appendix A. The 5-point Likert scales is used to elicit participants 

attitudes toward the statements and questions, with the value of 5 representing “Strongly Agree” 
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descending to value 1 representing “Strongly Disagree”. This was conducted, gathered, and 

summarized through Google Forms. The data were downloaded and imported into Excel sheet 

and later into IBM SPSS Statistics 22 for performing analysis. Factor analysis, One-way 

ANOVA, and Mann-Whitney U were performed to test the validity, reliability, and the 

hypothesized correlation between the dependent, intermediate, and independent variables.   
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5 Results 

This chapter presents the data analysis and results of the study. The first section describes 

the demographic data, the second section deals with the response rate and nonresponse bias as 

well as reliability and validity of the data and the instrument, and the final section discusses the 

statistical tests employed to test the hypotheses, as well as the accuracy and reliability for the 

methods.  

5.1 Descriptive Data 

The respondents’ characteristics as well as that of their perspective organizations have 

direct effect on the results of the study, therefore as explained in the previous section they were 

selected from the executives and managers whose organizations were present in any form of 

Social Media and had B2B operation. The total 126 respondents participated in the survey, who 

were later reduced to 88 after the B2C and non-SM users respondents were excluded from the 

pool. The demographical data of the sample is presented below using the frequency tables 

generated by IBM SPSS STATISTICS 22. The respondents’ age group, level and position, and 

their organization size are summarized in Tables 5.1.  

Table 5.1  
Respondents’ Demographics 

Demographics Frequency Percent Accumulative 
percentage 

Age group 20-30 8 9.1 9.1 
 31-40 47 53.4 62.5 
 41-50 13 14.8 77.3 
 50-61 20 22.7 100.0 

Gender Male 
Female 

47 
41 

53.4 
46.6 

53.4 
100.0 

Level of education 

Bachelor's degree 
Master's degree 
Doctoral degree 

Some college 
Other/Missing 

28 
49 
2 
7 
2 

31.8 
55.7 
2.3 
8.0 
2.3 

31.8 
87.5 
89.8 
97.7 

100.0 
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Organizational 
position 

CEO/Managing directors 
Assistant managers 

Managers 
Other/Missing 

23 
6 

42 
17 

26.1 
6.8 

47.7 
19.3 

26.1 
32.9 
80.6 

100.0 

Organization size 

<50 12 13.6 13.6 
51-100 22 25.0 38.6 

101-500 21 23.9 62.5 
501-1000 18 20.5 82.9 

>1000 15 17.0 100.0 

Total  88 100  

	

The sample were randomly selected and contacted from mainly North America (N=45) 

and Europe (N = 34) and the rest from India, East Asia, and Australia. Their fields and industries 

differ but the majority is active in computer/information technology (N = 21) and services (N = 

13). Table 5.2 summarizes the respondents organizational industry. 

Table 5.2  
Respondents’ Organizational Industry 

Industry Frequency Percent Accumulative 
percentage 

Computer/information technology 21 23.9 23.9 
Energy 11 12.5 36.4 
Services 13 14.8 51.2 
Transportation 6 6.8 58.0 
Health care/Pharmaceutical 3 3.4 61.4 
Manufacturing 3 3.4 64.8 
Finance/real estate/insurance/ 
banking 2 2.3 67.1 

Other 29 33.0 100.0 
Total 88 100.0  
	

Most of the respondents 36.6% (N = 36) are managers, and 28% (N = 27) are executive 

managers. The main area of specialization and job functions among the respondents are 

management and administration (23.9%), and IT (17.0%). The descriptive statistics for the 

respondents’ organizational position and job functions are listed in Table 5.3. 

 
 



	69	

	

	 	
	

Table 5.3  
Respondents’ Organizational Level 

  Frequency Percent Accumulative 
percentage 

Organizational 
level 

CEO/managing directors 23 26.1 26.1 
Assistant managers 6 6.8 32.9 

Managers 42 47.7 80.6 
Other/Missing 17 19.3 100.0 

Job function 

Management/Administration 21 23.9 23.9 
IT 15 17.0 40.9 

Marketing 31 35.2 76.1 
Sales 6 6.8 82.9 

Services 5 5.7 88.6 
Other/Missing 10 11.4 100.0 

Total 88 100  

While 8% of the respondents have worked at their organizations for less than a year, the 

majority (N = 55) has more than 3 years of experience, and the rest (N = 43) has 1 to 3 years of 

experience at their functional area with an average functional experience of 4.1 years. Most of 

the respondents have a managerial position with marketing or executive functions, of which 68 

stated that they are advanced users of Competitive Intelligence, 15 are familiar with the 

functions, and the rest (N = 5) quite familiar with them. At 92% of the respondents’ respective 

organizations (N = 81), CI is conducted either in-house or through outsourcing, and the rest do 

not currently conduct it at their organizations,, but are familiar with its functions. Table 5.5 

demonstrates the availability of a CI unit at the respondents’ organizations.  

Table 5.5  
Descriptive Statistics for Availability of CI Unit at Respondents’ Organizations 

 Frequency Percent 
Both (In-house & external / outside sources) 37 42.0 
In-house 36 40.9 
Outside sources / external 8 9.1 
Not at all 7 8.0 
Total 88 100.0 
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Therefore, considering the average years of experience, average CI knowledge, as well as 

the B2B function and the availability of CI unit and functions, the respondents can be considered 

qualified and eligible to respond the questionnaire. In addition, of the 88 respondents, 39 

identified their organization’s competitive position in the industry as strong and 7 considered it 

weak. Table 5.6 shows the respondents view toward the position of their organizations’ standing 

in their industry as. 

Table 5.6  
Respondents’ Competitive Position in the Industry 
 Frequency Percent 
Dominant 8 9.1 
Favorable 26 29.5 
Strong 39 44.3 
Tenable 7 8.0 
Weak 8 9.1 
Total 88 100 

To measure the overall view of the participants toward the position and value of the 

Internet in general and SM in particular among different sources organizations apply to gain a 

competitive advantage, the participants were asked to rate different sources on decision-making 

based on their effectiveness. Accordingly, we grouped the sources for gaining CI into the 

followings with the industry periodicals having the lowest rate and analysis of competitors’ 

products the highest rate of reliability to gain CI, as indicated in tables 5.7 and 5.8. Tukey's HSD 

test is used to test whether the means are significantly different, and at 95% confidence level, no 

significant difference is observed. 

Table 5.7  
One-way ANOVA within a Group and between Groups for the Analysis of the Best CI Sources 
 SS df MS F P-value 
Between Group  194.31 8 24.28 26.44 0.000 
Within Group  977.16 1064 0.918   
Total  1171.48 1072    
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Table 5.8  
Tukey's HSD Test for the Best Sources of CI 

P-value 0.05 N  
4th group 3rd group 2nd group 1st group   
   3.066 88 Industry periodicals 
  3.5  88 Promotional material 
  3.65  88 Websites 
 4.11   88 Annual/Quarterly reports/SEC 
 4.17   88 Customers 
 4.31   88 Market research 
4.23    88 Analysis of competitors’ products 

Based on the above tables, the best sources for gathering CI can be grouped into the 

following four sets: 

1. Industry periodicals (µ = 3.066) 

2. Promotional material and websites (µ = 3575) 

3. Annual/Quarterly reports/SEC, customers and market research (µ = 4.196) 

4. Analysis of competitors’ products (µ = 4.23) 

Therefore, the best source for gaining CI can be the analysis of competitors’ products, 

followed by official reports, customers, and market research. The Internet (SM included) falls 

into the third place along with promotional materials, and the industry periodicals gaining the 

lowest score.  

The analysis of the participants’ general evaluation toward the overall value of the SM-

driven CI yielded an average position for SM as an ultimate source for gathering CI. The 

participants mentioned various complications and challenges a CI expert may encounter in 

gaining CI through SM as compared to the other sources. Using One-way ANOVA, we grouped 

these complications as shown in Table 5.9.	

Table 5.9 
 One-way ANOVA within a Group and between Groups for the Analysis of SM Challenges  
 SS df MS F P-value 
Between Group  51.65 5 10.33 8.89 0.05 
Within Group  828.23 713 1.16   
Total  879.88 1072    
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Results of Tukey's (HSD) Test at 95% level of confidence indicate that the complications 

for gaining CI through SM can be grouped into the following sets: 1) the credibility or 

practicality of data (µ = 2.915), 2) challenges in reaching the target, planning, and human capital 

(µ = 3.35), 3) the knowledge of applying SM data into CI  (µ = 3.64). Therefore, according to the 

respondents, the biggest challenge in gaining CI through SM is “know how” or the knowledge of 

applying SM for that purpose. Table 5.10 demonstrates the results.  

Table 5.10  
Tukey's HSD Test for Challenges in Gaining CI though SM 

P-value 0.05 N  
3rd group 2nd group 1st group   

  2.8 88 Data are not credible 
  3.03 88 Data are not actionable 
 3.31  88 Reaching the target 
 3.37  88 Planning 
 3.37  88 Human capital resources 

3.64   88 Know how 
	

5.2 Descriptive Statistics 

5.2.1 Nonresponse bias and internal consistency 

The population in this study consists of B2B organizations, which conduct competitive 

intelligence for gaining insights and knowledge from their external environment and on 

customers as a part of strategic, tactical, or operational decision-making process. The sample 

consists such organizations, randomly selected and contacted through emailing or LinkedIn, 

Twitter, and/or Facebook direct messaging.  

We began the data collection process by conducting a pilot study to measure the 

reliability of the instrument and nonresponse bias, questionnaires were initially distributed 

among a sample group. This included about 200 B2B marketers active on Twitter.com who met 
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the previously mentioned criteria (CI users, active in B2B and Social Media), of which 26 

responses were collected from 4/2/2015 to 9/2/2015 and included in the data analysis. These 

early respondents are compared to the rest of the responses collected through our online survey 

placed and available at Google Forms. The rest of the respondents and sample included the B2B 

organizations in North America and Europe that we could contact and send the participation 

request link and email through their website, LinkedIn, Twitter, and/or Facebook pages.  

Nonresponse bias which is the difference between the values produced when only a 

portion of sample responds compared to all, occurs when those who do not respond differ from 

those who do, and this influences the results (Dillman, 2000). The mismatch between the 

characteristics of sample and the characteristics of the population leads to severe problems in 

true analysis of the results, therefore, considerable attention is required to tackle nonresponse 

bias when collecting and analyzing the data (Berg, 2005). The difference between the obtained 

results and the unknown results that we would obtain had the contacted sample chosen to 

participate in the survey decides the nonresponse bias (ibid). One possible cause for the sample 

being no representative is the failure to reach the targeted segments of the population (ibid). In 

data collection, there are two types of nonresponse: item nonresponse and unit nonresponse 

(ibid). According to TRC Market Research (2009), nonresponse occurs either when certain 

questions in a survey are left unanswered or when randomly selected samples cannot be 

contacted or they refuse to participate in the survey. In this research, except for those related to 

demographic data, the online questionnaire required the participants to fill in all the questions 

and therefore no questions could be left unanswered (participants could choose to state “neither 

agree nor disagree” when had no opinion over a question or statement).  
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In this study, to measure nonresponse bias regarding the participates opting not to 

participate in the survey, and to make sure the sample truly represent the population, the initial 

and late respondents were compared, which is a useful and commonly used method (TRC, 2009). 

As late-respondents are typically those who respond after some attempts by the researcher (three 

follow-up messages sent in this study), are assumed to be similar with non-respondents, this 

approach can be a determining factor whether nonresponse bias exists (ibid). To conduct this 

approach, we compared the scores on key questions and subsets from both the early respondents 

and the rest of them, with significance differences indicating nonresponse bias. In this study, the 

initial responses received by Twitter users were compared to the rest of the responses throughout 

the survey in terms of demographic and independent variables.  

To evaluate the nonresponse bias, we used independent-samples t-test with the 

assumptions of different variance between the two groups. Lavene’s test is also applied to verify 

the validity of the assumptions. The Levene’s test being significant, the t-value verifies the 

assumption of inequality of variances between the subsets at the 5% level of significance. To 

find any significant differences in demographics as well as the three areas of decision-making 

and the two functionalities of CI in gaining insights from the external issues and from the 

competitors, the initial and the main set of the participants are compared. The mean of scores for 

age, education level, and years of job experience, organizational level, and CI functions are 

analyzed and illustrated in Table 5.11 and Table 5.12. 
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Table 5.11 Independent samples t-tests for initial and main data set demographics 

 

Levene's Test for 
Equality of 
Variances 

t-test for Equality of Means 

 
 F Sig. t df 

Sig.  
(2-

tailed) 

Mean 
Difference 

Std. Error 
Difference 

95% Confidence Interval 
of the Difference 

Lower Upper 
Gender 1.419 .237 -1.173 80 .244 -.163 .139 -.441 .114 
Age group 3.221 .076 -1.742 86 .085 -.40447 .23223 -.86612 .05718 
Education .985 .324 -.382 86 .703 -.07692 .20132 -.47712 .32328 
Position .333 .565 .555 86 .581 .08809 .15886 -.22771 .40389 
Experience .456 .501 -3.619 86 .000 -.77667 .21459 -1.20326 -.35009 

With the p>0.05, no significant anomalies or differences were present in the two groups 

for all the subsets except for the experience in the field of their current job and industry. The 

difference may indicate that Twitter respondents were of less experience as compared to those 

responding directly from the industry. This is not surprising as those in the industry were 

intentionally selected by the researcher to rely on their experience in responding to questions 

related to the efficiency of CI when gained from other sources than those traditionally used. 

However, this cannot be of significant importance in the analysis of the results because 

experience is not a sensitive factor and variable in our model. 

Table 5.12  
Independent Samples t-tests for Initial and Main Data Set 

 

Levene's 
Test for 

Equality of 
Variances 

t-test for Equality of Means 

 
 F Sig. t df 

Sig. 
(2-

tailed) 

Mean 
Difference 

Std. Error 
Difference 

95% Confidence 
Interval of the 

Difference 
Lower Upper 

Strategic DM* .014 .905 .354 86 .724 .04847 .13674 -.22336 .32031 
Tactical DM .282 .597 1.065 86 .290 .11066 .10388 -.09585 .31717 
Technical DM .558 .457 -.755 86 .452 -.10372 .13740 -.37687 .16943 
Operational 
DM .012 .913 2.054 86 .043 .33792 .16449 .01092 .66491 

External data .002 .964 .405 86 .687 .06067 .14986 -.23725 .35859 
Competitors .254 .616 1.216 86 .227 .13252 .10900 -.08416 .34920 
*DM = Decision-Making 
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 The result of the t-test at 5% level of significance for the three areas of decision-making 

and the two functionalities of CI in gaining insights from the external issues and from the 

competitors, showed no statistically significant differences or irregularities be indicating similar 

characteristics between the two groups and potentially the population. Therefore, as both groups 

share similar average characteristics, except only on one insignificant variable, we merged the 

initial group (N = 26) and the late respondents to gain a higher statistical validity with the total 

sample size of 88. 

5.2.2 Exploratory factor analysis and construct validity 

Multivariate analysis is the method used in this study to analyze the multiple 

measurements under investigation. Multivariate analysis refers to statistical techniques and 

simultaneous analysis when variables are more than two (Hair et al., 2013). Factor analysis is 

one of the multivariate techniques to identify the interrelationships and underlying structure in a 

set of variables that is also referred to as construct validity (Williams et al., 2012), as well as 

measuring and explaining the strength of relationship among variates, i.e. the linear combination 

of variables (Hair et al., 2013). It is also used for removing the unrepresentative variables and 

narrowing down large number of variables into smaller sets of variables (or factors) with 

minimal or no loss of information, where these specific items highly correlate with each other 

and are part of a broader dimension, which become composites of one specific variable 

(Williams et al., 2012). According to Hair (2013), this is called measurement error and is defined 

as the degree to which an observed value does not represent a true value. Measurement error 

causes “noise” to the measured variables, thus, the obtained value may represents both the “true” 

values and “noise.”  
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In this study, we have applied exploratory factor analysis. This happens when the 

researcher has no expectations of the nature or number of variables (Williams et al., 2012) to 

remove or reduce the unrepresentative variables in each construct for a more valid and true 

analysis of the data. Hair (2013) suggests a minimum sample size of 50 to perform factor 

analysis. The number of factors selected to represent the underlying structure and extracted 

through exploratory factor analysis was determined by the rule of Cumulative Percentage of 

Variance and Eigenvalue greater than 1. Furthermore, we measured the factor analyses based on 

the criteria suggested by Hair (2013). Accordingly, correlation matrix or factor loadings 

displaying the relationships among individual variables need to be over 0.30, otherwise, factor 

analysis is not the method to utilize.  

In addition, Kaiser-Meyer-Olkin (KMO) and Bartlett's Test of Sphericity are applied to 

measure sampling adequacy. The index ranges from 0 to 1, with 0.5 being considered an 

appropriate amount for factor analysis. We assumed a significant Bartlett's Test of Sphericity 

(p<.05) for the variables to pass into one component. Therefore, the number of factors to be 

extracted depended on whether the variables related to one or more factor, rotation was the 

method applied for this purpose. Rotation maximizes high loadings, and produces more 

simplified and interpretable variables. There are two common rotation techniques: orthogonal 

rotation, which produce uncorrelated factor structures, and oblique rotation that produces 

correlated factors (Williams et al., 2012). In this study, we applied Equamax rotation, as an 

orthogonal rotation, and combination of quartimax and varimax criteria, which simultaneously 

maximizes the variances in the columns (within factors) and rows (within variables) of the 

matrix producing simplified structure within both groups. 
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In minimizing the number of variables involved in this construct, the initial factor 

analysis on the Strategic Decision-Making (SDM) produced the results presented in Tables 5.14.  

Table 5.14 
Strategic Decision-Making Factor Analysis (I) 
 Components 
 1 2 
Strategic early warning about the industry  .535  Country risks .697  Identify economic trends .700  Identify political and regulatory issues .866  Understand ecological concerns .801  Identify social and cultural changes  .472 

Removing the cross loadings items and loadings smaller than .5, it is evident that the 

single factor loaded properly on one component indicating consistency among the factors in the 

construct. We eliminated the “social and cultural changes” variable, which loaded below .5 and 

on another component. The remaining items loaded on the single factor of SDM with the results 

illustrated in in Table 5.15. All the items were retained in one factor based on the eigenvalue of 

one with Cronbach’s Alpha of .766, and Kaiser-Meyer-Olkin value of 0.758, explaining 53.3% 

of the item variance. 

Table 5.15  
Strategic Decision-Making Factor Analysis (II) 
 Component 
 1 
Identify political and regulatory issues .866 
Understand ecological concerns .799 
Country risks .698 
Identify economic trends .697 
Strategic early warning about the industry  .552 

The initial factor analysis for Tactical Decision-Making (TDM) yielded 3 factors as 

illustrated in Table 5.16, with no cross loadings, but two lading below .5, the removal of which 

yielded to the factors shown in Table 5.17. 
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Table 5.16  
Tactical Decision-Making Factor Analysis (I) 
 Components 
 1 2 3 
New products  .750  
Potential competitors  .814  
New competitors  .790  
Suppliers /Business partners   .656  
Competitors’ regional biases    .648 
Customer segmentation   .716 
Work force structure  .407  
Internal shift in focus or vision .520  .498 
Success or failure of trials .621  -.483 
Technology investments  .801   
Promotion activities & strategies .872   
Popularity of products/ Brands .727   
Customer satisfaction and loyalty .748   
Technological developments .461  .464 

 

Table 5.17  
Tactical Decision-Making Factor Analysis (II) 
 Components 
 1 2 3 
Technology investments  .801   
Popularity of products/ Brands .872   
Customer satisfaction and loyalty .748   
Internationalization i.e. entering new markets .671   
Potential competitors  .814  
New competitors  .790  
New products  .750  
Suppliers /Business partners   .656  
Competitors’ regional biases    .648 
Customer segmentation   .716 

The initial factor analysis loaded on three components that are later grouped under data 

on competitors and non-competitors dada from the external environment. However, as far as 

TDM is concerned and as for the variables proposed by Dey et al. (2011), we attempted to 

constraint the variables to load on one factor. To assess whether SM can be regarded as a source 

for overall TDM, we then constrained the items to fewer ones to load on one single factor of 

TDM. The factor analysis for TDM is shown in Table 5.18. All the items were retained in one 
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factor based on the eigenvalue of one criterion with Cronbach’s Alpha of .716, and Kaiser-

Meyer-Olkin value of 0.645, explaining 48.6% of the item variance.  

Table 5.18 
 Tactical Decision-Making Factor Analysis (III) 
 Component 
 1 
Potential competitors  .796 
New technology .771 
Suppliers /Business partners .729 
Technology investments .713 
New competitors .686 
Internationalization i.e. entering new markets .678 
Promotion activities & strategies  .653 
Customer segmentation  .643 
Competitors’ regional biases .554 
Customer satisfaction and loyalty .542 

In minimizing the number of variables operational decision-making (ODM), factor 

analysis produced the results presented in Tables 5.19. 

Table 5.19  
Operational Decision-Making Factor Analysis (I) 
 Components 
 1 2 
Sales Forecasts  .766  Price information  .875  Pricing research .851  Market assessments .795  Market share  .638 .558 
Customer’s demand/ Wishes  .903 

Removing the cross loadings item (market share), we loaded the items on one factor and 

four items loaded well on the single factor of ODM as shown in Table 5.20, with Cronbach’s 

Alpha of .862, and Kaiser-Meyer-Olkin value of 0.768, explaining 70.0% of the item variance. 

Table 5.20  
Operational Decision-Making Factor Analysis (II) 
 Component 
 1 
Sales Forecasts  .793 
Price information  .893 
Pricing research .879 
Market assessments .797 
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The results of factor analysis on the external data gained through SM are presented in 

Tables 5.18 and 5.19. For the variables involved in this construct, the initial factor analysis 

produced two factors with minimal cross loadings, out of which the items below .5 and cross 

loading items were removed resulting in the overall items displayed in Table 5.21 5.22. The 

items all loaded well on the single factor of external data with Cronbach’s Alpha of .861, and 

Kaiser-Meyer-Olkin value of 0.770, explaining 55.2% of the item variance that are consistent 

with the variables in the construct. 

Table 5.21  
External Data Factor Analysis (I) 
 Component 
 1 2 
Strategic early warning about the industry  .642 -.560 
Country risks .646  Identify economic trends .516 .641 
Identify political and regulatory issues .766  Understand ecological concerns .717  
Identify social and cultural changes  .420 
Assess new technology innovations .822  
Potential competitors .804  
New competitors .717  Suppliers / Business partners  .667  	

Table 5.22  
External Data Factor Analysis (II) 
 Component 
 1 
Country risks .663 
Identify political and regulatory issues .753 
Understand ecological concerns .716 
Assess new technology innovations .849 
Potential competitors .837 
New competitors .731 
Suppliers / Business partners  .628 

Finally, the factor analysis for the measure of competitor data is presented in Table 5.23 

and 5.24. This construct measure the efficiency of SM in providing data on competitors with 

various items. After preforming factor analysis the number of items were reduced to 7 from 10, 
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through removal of cross loading items and those below .5. The remaining items loaded on the 

single factor of competitors data are illustrated in in Table 5.25. 

Table 5.23  
Competitors Data Factor Analysis (I) 
 Components 
 1 2 3 
Competitors’ regional biases   .598 403 
Customer segmentation  .743 401 
Work force structure .526  -.461 
Operational issues (e.g. increase of factory capacity)  .679  -.591 
Internal shift in focus or vision .546 .427  
Success or failure of trials .601   
Technology investments  .731   
Promotion activities & strategies   .412 
popularity of products/ Brands .667   
Customer satisfaction and loyalty .514  .505 
Technological development  .423 .426 
New products   .402 
Internationalisation i.e. entering new markets .560 -.405 .445 
Sales Forecasts  .661   
Price information  .831   
Pricing research .796   
Market assessments .753   
Market share  .611 .554  
Customer’s demand/ Wishes  .682 550 

	

Table 5.24  
Competitors Factor Analysis (II) 
 Components 
 1 2 
Operational issues (e.g. increase of factory capacity)  .681  
Success or failure of trials .544  
Technology investments  .702  
popularity of products/ Brands .680  
Customer satisfaction and loyalty .518  
Technological development .693  
New products .858  
Sales Forecasts  .840  
Price information  .769  
Pricing research  .694 
Market assessments  .739 
Market share   .813 

The first factor analysis produced three factors, then we removed the cross loading, and 

loaded all items on one single factor as displayed in Table 5.23. The items all loaded well the 
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factor with Cronbach’s Alpha of .867, and Kaiser-Meyer-Olkin value of 0.797, explaining 55.9% 

of the item variance. 

Table 5.25  
Competitors Factor Analysis (III) 
 Component 
 1 
Operational issues (e.g. increase of factory capacity)  .683 
Success or failure of trials .546 
Technology investments  .700 
popularity of products/ Brands .677 
Customer satisfaction and loyalty .512 
Technological development .695 
New products .864 
Sales Forecasts  .838 
Price information  .769 
Pricing research .683 
Market assessments .546 
Market share  .700 

The test of normality was then performed data was then examined for normality, and a 

Skewed distribution was observed for the variables with the scores either too higher or lower 

than the mean, indicating not symmetrical distributions. Therefore, with skewness and kurtosis, 

being non-normal, we conducted statistical analysis for non-normal data as detailed in the next 

section. Table 5.26 provides more details on the distribution of the data regarding means, 

standard deviations kurtosis, skewness values, and range of each items. 

Table 5.26 
Descriptive Statistics for the Dependent Variables 

 Strategic DM Tactical DM Operational DM 

Mean 3.453 4.167 3.057 
N 88.000 88.000 88.000 
Std. Deviation 0.582 0.589 0.868 
Median 3.667 4.333 3.000 
Std. Error of Mean 0.062 0.063 0.093 
Range 3.500 2.667 4.000 
Kurtosis 1.963 0.772 -0.659 
Std. Error of 
Kurtosis 0.508 0.508 0.508 

Skewness -1.038 -0.811 -0.194 
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Table 5.27 
Descriptive Statistics for the Intermediate Variables 

 External Data Competitors 

Mean 3.655 3.438 
N 88.000 88.000 
Std. Deviation 0.752 0.590 
Median 4.000 3.540 
Std. Error of Mean 0.080 0.063 
Range 3.830 3.150 
Kurtosis 2.149 0.500 
Std. Error of Kurtosis 0.508 0.508 
Skewness -1.372 -0.492 

	

5.3 Friedman and Mann-Whitney U Test 

We preformed the Friedman test as a non-parametric alternative to one-way ANOVA to 

test the differences between respondents attitude toward CI when SM data are applied for 

enriching it. As shown in Table 5.27, there is an overall statistically significant difference 

between the mean ranks within the five groups.  

Table 5.27 
Descriptive Statistics for the Variables 

 N Mean 
Rank Mean Std. 

Deviation Median Dif of 
Median 

Chi-
Square 

Asymp. 
Sig. 

External Data 88 1.653 4.080 0.466 4.167 0.167 8.576 .003 
SM-External Data 88 1.347 3.655 0.752 4.000    
Competitors 88 1.767 4.027 0.372 4.000 0.460 25.391 <.001 
SM-Competitors 88 1.233 3.438 0.590 3.540    
Strategic DM 88 1.614 3.710 0.485 3.667 0.000 4.651 0.031 
SM-Strategic DM 88 1.386 3.453 0.582 3.667    
Tactical DM 88 1.460 4.155 0.438 4.000 -0.333 0.690 0.406 
SM-Tactical DM 88 1.540 4.167 0.589 4.333    
Operational DM 88 1.841 4.088 0.496 4.250 1.250 43.902 <.001 
SM-Operational DM 88 1.159 3.057 0.868 3.000    

The table above provides the test statistic, which reveals an overall statistically 

significant difference in perceived mean ranks of the related groups. It is worth mentioning again 

that the two intermediate variables of external data and competitors accumulate to the efficiency 
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of SM as a content generation tool in general and as the independent variable in this study. There 

is a statistically significant difference in perceived results in the respondents view toward the 

efficiency of SM as a tool in gaining “CI from external issues” as compared to non-SM sources, 

χ2(2) = 8.576, p = 0.003. The results also reveal that there is significant difference in attitudes 

toward the efficiency of SM as a tool in gaining “CI about competitors” as compared to non-SM 

sources χ2(2) = 25.391, p < 0.001. The use of SM for supporting strategic DM and operational 

DM also yielded significant difference in the two groups of non-SM and SM implications with 

χ2(2) = 4.651, p = 0.031, and χ2(2) = 43.902, p < 0.001, respectively. The only area where no 

significant difference is observed in the two groups is “tactical DM (TDM).” From the table, we 

can conclude that the efficiency of CI gained through sources other than SM is statistically 

significantly higher than that gained through SM except for data supporting tactical decision-

making with the following variables ranking higher or closer to the non-SM sources: popularity 

of products/ Brands, customer satisfaction and loyalty, new products. 

Table 5.28  
Descriptive Statistics for Variables in TDM 

 N Mean 
Rank Mean Std. 

Deviation Median Dif of 
Median 

Chi-
Square 

Asymp. 
Sig. 

Popularity of products/ Brands 88 1.398 4.068 0.799 4.000 0.000 8.100 0.004 
88 1.602 4.295 0.745 4.000    

Customer satisfaction and 
loyalty 

88 1.483 4.000 0.643 4.000 0.000 0.170 0.680 
88 1.517 3.989 0.928 4.000    

New products 88 1.568 4.398 0.578 4.000 0.000 3.429 0.064 
88 1.432 4.216 0.702 4.000    

As shown in the table, there is only a statistically significant difference in gaining data on 

the “popularity of products” from non-SM sources as compared to SM sites, χ2(2) = 8.100, p = 

0.004. However, no significant difference is observed in the other two variables of customer 

satisfaction and loyalty and new products with χ2(2) = 0.170, p = 0.004 and χ2(2) 3.429, p = 

0.064, respectively. 
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Table 5.29  
Wilcoxon Signed-Rank Test 
Groups External Data Competitors Strategic DM Operational DM 
Z -4.059b -6.376b -3.175b -7.094b 
Asymp. Sig. (2-tailed) <.001 <.001 .001 <.001 

The table shows the result of Wilcoxon signed-rank test on the four remaining measures. 

As illustrated in the table, there are statistically significant differences in perceived attitudes 

depending on whether SM is applied for gaining CI or not. Post hoc analysis with Wilcoxon 

signed-rank tests was performed with a Bonferroni correction resulting in the level of 

significance set at p < 0.025. Median (IQR) levels for the non-SM and SM for External Data was 

7.17 (3.83 to 4.46), and 4.00 (3.17 to 4.17), respectively. Table 5.30 illustrated the Median (IQR) 

for the rest of the measures. 

Table 5.29 
Median (IQR) for the Independent Variables 

 Percentiles 

 25th 50th (Median) 75th 
Strategic DM 3.33 3.67 4.00 
SM-Strategic DM 3.17 3.67 3.83 
Tactical DM 3.83 4.17 4.50 
SM-Tactical DM 3.33 3.83 4.29 
Operational DM 3.75 4.25 4.50 
SM-Operational DM 2.25 3.00 3.94 

We also chose Mann-Whitney U test since as mentioned earlier the constructs were not 

symmetrically distributed. The Mann-Whitney U Test Ranks table shows the mean rank for the 

two tested groups (i.e., CI with and without SM). The test statistics are presented in Table 5.30, 

and U statistic and p-value representing the significance value of the test are presented in Table 

5.31. 
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Table 5.30  
Test Statistics 
Groups Strategic DM Tactical DM Operational DM External Data Competitors 
Non-SM 97.40 86.34 119.25 103.57 107.47 
SM 79.60 90.66 57.75 73.43 69.53 
 
 
Table 5.31  
The Mann-Whitney U Test Ranks  

 
Strategic 

DM 
Tactical 

DM 
Operational 

DM 
External 

Data Competitors 

Mann-Whitney U 3089.000 3682.000 1166.000 2545.500 2202.500 

Wilcoxon W 7005.000 7598.000 5082.000 6461.500 6118.500 

Z -2.331 -.575 -8.060 -3.950 -5.013 

Asymp. Sig. (2-
tailed) .020 .565 .000 .000 .000 

From the table we can conclude that the efficiency of CI gained through sources other 

than SM is statistically significantly higher than that gained through SM except for the data 

applied for supporting tactical decision-making (U = 3682, p = .0565).  
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6 Discussion 

This chapter contains discussion on the findings, limitations, implications, and 

contribution of the study to research and practice, and provides future research suggestions. The 

current study presents a framework for measuring the efficiency of SM as tools for generating 

contents for competitive intelligence (CI) that leads to intelligence on the competitors’ activities, 

moves, etc., and more informed decision-making. We evaluated the types of decision-making 

(i.e. strategic, tactical, and operational) that can be enhanced by the CI enriched through the data 

that can be incorporated into CI processes through SM. The sample of the study included 88 B2B 

executives and marketers whose organizations were mainly headquartered in North America and 

Europe and either apply or have applied SM for the business purposes. 

Various studies have been conducted to distinguish different aspects of CI and the role of 

SM in business. This can be because of the growing importance of CI as a management practice 

(Rouach & Santi, 2001), and proliferation of various types of SM sites and their dynamic, multi-

objective environments that can potentially improve CI and subsequently the decision-making 

qualities. This can occur through different benefits SM can allegedly provide such as facilitating 

communication and interaction, and lowering costs. There are, however, a few studies on the role 

of SM as a generating content tool for CI. This study seeks to fill this gap.  

In this thesis, we initially attempted to identify the type of data that is typically required 

for improving decision-making in B2B organizations from the external environment such as 

markets, competitors, suppliers, prospects, customers. Then, we identified the data sources 

typically used for gathering such data. Subsequently, we evaluated the reliability, validity, and 

effectiveness of the data gained through SM to weigh them against such typical data sources. 
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Finally, the applicability of such data was measured when applied for supporting the three types 

of decision-making including strategic, tactical, and operational decisions. 

6.1 SM and CI 

According to Murphy (2005), CI involves three functions: collecting data, analyzing it, 

and disseminating intelligence. The first process involves identifying and gathering useful and 

related data, the second step is discovering and extracting meaningful patterns in the data (data 

mining), and the last is disseminating the information to the managers to support their decision 

making. Collecting data and analyzing it are the core functions of CI process (Teo & Choo, 

2001). The data that is incorporated into CI directly or indirectly affect the operation of an 

organization (Dey et al., 2011) and naturally can be gained from different resources. CI exploits 

various sources and methods to gather data, such as surveys, third-party reports, etc. nevertheless 

as Dey (2011) posits the data from the Internet aids CI processes. Similarly, SM may play such a 

role. They can be an invaluable source for different organizational purposes, (Bodnar & Cohen, 

2011; Saravanakumar & Suganthalakshmi, 2012).  

We hypothesized that Social Media can contribute to CI by providing the necessary data 

required to back decision making at a B2B organization. Based on the results of this study, 

accumulated by the two intermediate variable of external data and data on competitors, we argue 

that the data gained through SM are not as effective and reliable as the other sources; the reason 

for this can be the noise and low quality data that proliferates across SM (Dey et al., 2011). 

Nevertheless, there are specific contributions that SM can make to CI in backing up decision-

making. The next sections present more details on such aids.  
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6.2 External data and CI 

One source for collecting data is the external environment of an organization. External 

data (ED) is defined as the data gained from sources outside an organization to assist decision-

making processes (Pawar 1997). According to the same author although multiple sources exist 

for gaining ED, and one example can be advanced information technologies such as the Internet 

that plays a key role in meeting ED requirements to decision makers. Teo & Choo (2001) regard 

the Internet an information-rich resource that significantly contributes to CI. Due to the 

importance and the key role ED plays in CI, and lack of empirical studies on gaining them in the 

realm of SM, and specifically in a B2B context, we added two more variables to the concept of 

ED in this study: SM and B2B.  

We theorized that Social Media can provide data on external environment of a B2B 

organization that can effectively be applied to CI and decision making processes. Based on the 

analyses of results, the ED gained through SM can contribute to CI. However, this should be 

taken with caution and accompanied with the other sources. According to our findings, ED 

related to potential competitors has higher probability to be gained through SM, however data on 

new markets, as well as market risks have the lowest chance to be obtained through Social 

Media. Based on the result of our findings, the explanations for this can be that the SM data are 

not credible and actionable, and there are various challenges in reaching the target in a SM 

platform. However, according to the results obtained from the analysis of our sample responses, 

the biggest challenge in gaining CI through SM is “know how” or the knowledge of applying SM 

for that purpose. 
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6.3 Competitors and CI 

We posited that Social Media can provide competitors data that can effectively be applied 

to CI and decision making processes. This is supported by our findings only on the variables 

listed below. Data on operation issues such as increasing factory capacity, and sales forecasts of 

the competitors are less likely to be gained through SM. However, information about the 

competitors’ products such as their popularity, customer satisfaction, and new product launches 

are likely to be collected through SM venues. Further research is required to support the exact 

variables and areas that SM can support CI in terms of the competitors’ activities, strategies, etc. 

Another issue related to CI and competitors is counterintelligence, which deals with the 

protection of an organization’s knowledge assets and gathering related data to counter any 

possible loss of vital internal or external information (Bernhardt 2003). Counterintelligence 

poses a set of significant questions such as what must be protected, why, how, and what do the 

competitors plan and attempt to discover about an organization. It is indicated by the sample that 

appropriate and precautionary measures need to be taken before publishing data on SM in order 

to protect the vital information of an organization. 

6.4 SM and Strategic decision-making  

In order for data to be incorporated and used in decision making processes some 

procedures need to be taken. Figure 6.1, proposed by McNeilly (2002) illustrates the basic 

procedure required to turn data into decision. 

Figure 6.1 Three stage model of decision-making 
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Data turned into decision are no longer raw data or pure information, but intelligence that 

managers can add to their toolbox in making decision (Dey et al. 2011). One type of such 

intelligence can be referred to as strategic intelligence (ibid). Strategic intelligence involves 

analysis of long-term competitiveness issues, and depending on the type of the industry, it 

forecasts and suggests where the position of an organization should be in the future through 

applying timely and effective moves (Prescott, 1995). Strategic decisions are the fundamental 

decisions that shape the course of an organization (Eisenhardt & Zbaracki, 1992) made to meet 

an organization’s vision and mission with significant and long-lasting ramifications (Mack et al., 

2004). They involve resources configuration, goal formulation, problem identification, 

alternatives selection, generation and evaluation (Schwenk, 1984). They are made by the top 

managers and greatly affect the health and survival of the organization (Eisenhardt & Zbaracki, 

1992).  

We posited that data driven from SM can support strategic decision-making. The 

variables in this construct included industry warning, country risk, economic trends, regulatory 

issues, ecological concerns, and social changes. This hypothesis was not supported. One 

explanation for this can be that strategic decision requires knowledge on three categories: 

competition, own company, and marketplace (McNeilly, 2002). From the three requirements, as 

compared to the other CI sources, SM seems unable or at least not as efficient as the other 

sources in providing timely and highly effective data about the marketplace. This is because 

gaining information on the environment in which an organization operates or is involved may not 

be gained through routine data gathering procedures, this requires well-structured data that 

contain little or no uncertainty (Radford, 1988), a requirement that apparently SM data fail to 

meet. 
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6.5 Tactical decision-making and SM  

Tactical decision focuses on providing information for assisting short-term decisions 

(Prescott, 1995). The intelligence that can assist such decisions directly affects the sales process 

of an organization and mainly involves analysis of the followings as suggested by (Prescott, 

1995) and adopted for our questionnaire. These variables can be competition status and current 

market share, the popularity of competitors in terms of products or brands, market share, regional 

or geographical biases of competitors, and consumer sentiments, price information on 

competitors’ products or services. In addition, learning about promotion strategies and activities 

adopted by competitors, gaining other information to update competitors profile on issues such 

as their work force structure, internal shift in strategy or vision, success or failure of their 

products trials can assist the process. Tactical decisions that are taken at middle level of 

management and involve implementation of strategic decisions, and are narrowly focused, short 

term, and aimed at achieving goals established by senior managers (Eisenhardt & Zbaracki, 

1992). Tactical decision-making can be improved through intelligence on competitors’ products 

popularity, price, etc., and we posited that such intelligence can be obtained through SM. This 

was supported. The result of the study suggested that SM is a rich source for gaining information 

on new technology, suppliers, regional biases, customer segmentation, popularity of products, 

customer satisfaction, and new products. According to the results, SM, as compared to the other 

sources of data generation, can perform better in discovering the regional biases of the 

competitors as well as on the popularity of products, this finding is consistent with the findings 

of Bulmer (2010-2011). 

Thus, in situations where data need to be incorporated into CI processes for supporting 

tactical decisions, SM can be regarded as a proper source. The explanation for this can be related 
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to the amount of data available on the SM sites, forums, etc., where users leave traces of 

feedback on products and services in the form of comments, likes, subscriptions, etc. 

Furthermore, our findings revealed that useful information mined from SM on the B2B suppliers 

and competitors regional biases can enrich the CI required in making tactical decisions. One 

possible explanation for this can be the capabilities of SM in providing metadata on users that 

can be used to gain more information than what appears on their comments and surface 

activities. 

6.6 Operational decision-making and SM  

Operational decisions are related to the routine and day-to-day activities of a business, 

mainly taken by middle managers over relatively minor implications, which are related to the 

temporary disruptions of the organization’s internal with minimal ramifications on operations 

external and political issues (Mack et al., 2004).  

We posited that data driven from Social Media contribute to CI in making effective 

operational decisions over issues such as sales forecasts, pricing formation, pricing research, and 

market assessments. This hypothesis was not supported. The explanation for this can be that 

despite the proliferation of data about daily activities and lifestyles on SM that are easily 

accessible (Signorini, 2014), such data is not of high value when it comes to internal information 

of an organization such as pricing. As for the other types of decision-making, the valuable 

information required to guide and inform this type of decision-making need to be precise, 

valuable, and reliable (Kourdi, 2003). Among the four variables in this construct, sales forecast 

received the lowest probability to be gained through SM. One explanation for this can be that 

external factors influencing sales, such as economic trends, increased competition, price 
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fluctuations in raw materials, suppliers and customers contract renegotiations, among others are 

not available in SM. 

Market assessment, though, received relatively higher attention in regard with probability 

to be gained through SM. The explanation can be related to the SM users’ feedbacks on products 

and services and the level of popularity of one particular product that can be obtained through 

different traces users leave about them, such as likes, comments, number of mentions, and 

number of fans and users joined. 

6.7 Limitations 

This study is subject to several limitations. First, in terms of coverage error, which is 

when the sample members do not accurately and completely represent the population on their 

characteristics (Dillman, 2000). In this study, the online survey was sent to managers of B2B 

organizations all over the world, it was filled mostly by those working in organizations 

headquartered in the US, Canada, and Sweden, and thus, subject to sampling and may not reflect 

the population of B2B managers. Therefore, generalizing the results of the study to the other 

countries and areas should be done with caution.  

Another limitation of the study, which we perceive as the main one, is the sample size. 

Although we obtained 88 responses, which can be a relatively adequate number for sufficient 

analysis, a greater sample size would allow higher external validity and greater statistical 

analysis. Furthermore, the design of the questionnaire and categorizing of variables into the five 

groups of data source and decision-making is mainly determined through the guideline attained 

through literature review and the works of Dey (2011), Teo (2001), and Prescott (1995), which in 

turn can be subject to more analysis and examination. 
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6.8 Theoretical contributions 

The present study attempts to contribute to the theory and practice in three ways. First, it 

suggests an extension to the current methods of measuring the SM implications by suggesting a 

model for explaining the efficiency of such implications in a CI framework that deals with three 

different types of decision-making. To our knowledge, no previous study investigated the 

efficiency of SM on decision-making processes and their tools such as CI. The exiting studies 

mainly focus on SM capabilities in marketing as listed in Table 6.7. The present study can act as 

a bridge that ties the existing findings on CI contributions to decision-making and that of SM in 

terms if functionality of the data driven from them. The current study provides a theoretical 

framework on which future research on SM capabilities can be developed through testing the 

causal relationship between SM driven data and the quality of decisions made. 

Second, this study extends prior research to include SM in B2B marketing tools and 

address the use of SM in gaining reliable information in B2B context, as a few other studies also 

suggested, SM integrated with other marketing tools can be advantageous to B2B organizations 

(Andersén et al., 2014). Exploratory assessment of the productivity of CI when the data is gained 

through SM is possible in B2B dimension for the tactical-related decisions when integrated with 

other sources. The existing literature on CI miscounts the role of SM in different aspects of 

decision-making, which is the destination of the CI process.  

Finally, the analysis of the managers’ attitudes toward the use of SM in gaining CI 

indicates that SM driven data can be applied for tactical decisions. Same analysis proves that SM 

data is not as effective as non-SM data for more complex decisions such as strategic, which 

require more in-depth and comprehensive knowledge on the external environment such as the 

marketplace. The findings of the study provide guidelines for further research to provide more 
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meaningful and deeper understanding of the functions that SM driven data can contribute to 

business, in general, and decision-making, in particular, to enhance the collective understanding 

of SM efficiencies. Future studies are needed to confirm the findings in this study. For instance, 

to verify the efficiency of SM in supporting tactical decisions, and to clarify if SM data are 

equally important in supporting other decision types. 

6.9 Managerial implications 

This study primarily attempts to assess the effectiveness and practicality of SM driven 

data in three areas of decision-making including strategic, tactical, and operational that CI 

attempt to support. Our findings indicate that only tactical decision-making can be supported by 

such data and clarify that CI experts can rely on such data to either apply them solely or integrate 

them with data taken from other sources to provide managers with richer sources to improve the 

effectiveness of their tactical decisions. In addition, our findings suggest that SM alone does not 

support CI in providing data to back the other areas of decision-making. The findings also 

indicate that data on external environment of business and competitors on all aspects of their 

activities cannot be easily accessible in a B2B context when solely relying on SM for such 

purposes. As such, SM-driven data and need to be integrated with other sources of data gathering 

with analytical tools to provide the managers with greater support on decision-making.  

6.10 Conclusion 

This study attempts to investigate the effectiveness of SM in B2B organizations on their 

decision-making process otherwise supported by sources other than SM through CI techniques. 

The study shows that among the most effective sources for gathering CI, SM ranks below 

average, this may be mainly because of a lack of knowledge in applying them in B2B context, as 
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well as challenges in reaching the target. It is shown that that data related to the competitors such 

as pricing strategies, market share, success or failure of products trials in a B2B environment are 

not available or reliable in SM. In addition, data related to the external environment that are 

decisive on strategic decisions such as country risk, ecological concerns, new technology, 

potential competitors, new competitors, and suppliers are not easily reached through SM. As 

such, when extracting data and mining them for internal use in B2B organizations, CI experts 

and managers should consider the applicability and reliability of such data before disseminating 

them to decision-making processes. The findings of the study showed that data on competitors’ 

new product, product popularity, and satisfaction can be gathered through the SM. 

This study proposed a framework for examining the role of SM in decision-making, 

which can be applied for further investigation into the implications of data gained through SM. 

This thesis provides a model for measuring the role of SM in CI.  
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Appendix A - The Survey Instrument 

Demographic questions 
1.  What is  your gender?  

Male  
Female  
 

2 .  What is  your age group?  
20-30 
31-40 
41-50 
50-61 

3.  What is  the highest level  of  education you have completed? 
High school or equivalent 
Bachelor's degree 
Master's degree 
Doctoral degree 
Other: 
 

4 .  Where is  your organisat ion located? 
Canada 
Sweden 
Other: 
 

5 .  What is  your organizat ional  posit ion? 
CEO/managing directors/senior management 
Managers 
Assistant managers 
Others: 
 

6 .  How many years have you been working in the current organisat ion? 
<1 
1-3 
3-5 
5-7 
>7 
 

Questions about your organisation: 
7.  Does your company sel l  to other businesses (B2B) or to consumers (B2C)? 

B2B 
B2C 
 

8.  Which is  the type of  industry that your organizat ion can c lassif ied under? 
Manufacturing 
Finance/real estate/insurance/ banking 
Health care/Pharmaceutical 
Retail 
Transportation 
Agriculture/ Mining 
Engineering/Construction 
Computer/information technology  
Energy 
Government/education/NGO 
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Other: 
9.  How many years have you been working in this  industry? 

<3 
3-5 
5-7 
>7 
 

10.  How many people are employed within your organisat ion? 
<50 
51-100 
101-250 
251-500 
501-750 
751-1000 
>1000 
 
 

11.  What is  your organisat ion’s  competit ive posit ion in the industry/market? 
Dominant 
Strong 
Favorable 
Tenable 
Weak 
Unviable	
 

Questions about CI in your organisation: 
12.  In  your organisat ion,  how is  competit ive intel l igence conducted? 

In-house  
Outside sources / external  
Both (In-house & external / outside sources)  
Not at all  
 

13.  How would you rate the overal l  performance or effect iveness of  CI  in  your organisat ion? 
Poor 
Below average 
Average 
Above average 
Exceptional  
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14. Questions about CI and decision-making: 

CI can best contribute to the following 
types of decision-making: 

Strongly 
disagree Disagree 

Neither 
agree nor 
disagree 

Agree Strongly 
agree 

Strategic (corporate strategy, long-term) 1 2 3 4 5 
Tactical (executive management, short-
term) 1 2 3 4 5 

Operational (sales & marketing) 1 2 3 4 5 
 

 

 

CI can best contribute to decision-making by providing the followings about the external issues: 
Strategic early warning about the industry  1 2 3 4 5 
Country risks 1 2 3 4 5 
Identify economic trends 1 2 3 4 5 
Identify political and regulatory issues 1 2 3 4 5 
Understand ecological concerns 1 2 3 4 5 
Identify social and cultural changes 1 2 3 4 5 
Assess new technology innovations 1 2 3 4 5 
Potential competitors 1 2 3 4 5 
New competitors 1 2 3 4 5 
Suppliers / Business partners  1 2 3 4 5 

CI can best contribute to decision-making by providing the followings about the competitors: 

Competitors’ regional biases  1 2 3 4 5 
Customer segmentation 1 2 3 4 5 
Work force structure 1 2 3 4 5 
Operational issues (e.g. increase of 
factory capacity)  1 2 3 4 5 

Internal shift in focus or vision 1 2 3 4 5 
Success or failure of trials 1 2 3 4 5 
Technology investments  1 2 3 4 5 
Promotion activities & strategies 1 2 3 4 5 
popularity of products/ Brands 1 2 3 4 5 
Customer satisfaction and loyalty 1 2 3 4 5 
Technological development 1 2 3 4 5 
New products 1 2 3 4 5 
Internationalisation i.e. entering new markets 1 2 3 4 5 
Sales Forecasts  1 2 3 4 5 
Price information  1 2 3 4 5 
Pricing research 1 2 3 4 5 
Market assessments 1 2 3 4 5 
Market share  1 2 3 4 5 
Customer’s demand/ Wishes 1 2 3 4 5 
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15. Questions about sources from which CI can be gained   

The best source(s) to gain CI is/are: Strongly 
disagree Disagree 

Neither 
agree nor 
disagree 

Agree Strongly 
agree 

Customers 1 2 3 4 5 
Industry periodicals 1 2 3 4 5 
Promotional material 1 2 3 4 5 
Market research 1 2 3 4 5 
Analysis of competitive products 1 2 3 4 5 
Annual/Quarterly reports/SEC 1 2 3 4 5 
Exhibitions/ Trade shows 1 2 3 4 5 
The Internet 1 2 3 4 5 
Social Media 1 2 3 4 5 
Other: 
 
 

     

 

Questions about SM and gaining CI: 

 

16.  In  your organisat ion,  what is  the management att itude towards using Social  Media (SM) 
as a business tool? 
Negative 
Apprehensive 
Indifferent 
Interested 
Enthusiastic 
 

17.  Does your organisat ion use SM for gaining CI? I f  yes,  which SM site?  
We do not use SM for this purpose 
Facebook 
Twitter 
LinkedIn 
Pinterest 
Other:	 
 

18.  How would you rate the overal l  performance or effect iveness of  CI  gained through SM 
compared to other sources:  
Poor 
Below average 
Average 
Above average 
Exceptional 
 

19. The biggest challenge in applying 
SM to gain CI is: 

Strongly 
disagree Disagree 

Neither 
agree nor 
disagree 

Agree Strongly 
agree 

Data are not credible 1 2 3 4 5 
Data are not actionable 1 2 3 4 5 
Reaching the target 1 2 3 4 5 
Know how 1 2 3 4 5 
Planning 1 2 3 4 5 
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Human capital resources 1 2 3 4 5 

SM...  Strongly 
disagree Disagree 

Neither 
agree nor 
disagree 

Agree Strongly 
agree 

risks the protection of our knowledge assets 1 2 3 4 5 
does not help gaining relevant data 1 2 3 4 5 
does not help gaining data in a timely 
fashion 1 2 3 4 5 

Is not an effective tool for 
counterintelligence 1 2 3 4 5 

 

Questions about efficiency of SM in gaining CI: 

SM can best contribute to decision-making by providing the followings about the external 
issues: 
Strategic early warning about the industry  1 2 3 4 5 
Country risks 1 2 3 4 5 
Identify economic trends 1 2 3 4 5 
Identify political and regulatory issues 1 2 3 4 5 
Understand ecological concerns 1 2 3 4 5 
Identify social and cultural changes 1 2 3 4 5 
Assess new technology innovations 1 2 3 4 5 
Potential competitors 1 2 3 4 5 
New competitors 1 2 3 4 5 
Suppliers / Business partners  1 2 3 4 5 

SM can best contribute to decision-making by providing the followings about the competitors: 

Competitors’ regional biases  1 2 3 4 5 
Customer segmentation 1 2 3 4 5 
Work force structure 1 2 3 4 5 
Operational issues (e.g. increase of 
factory capacity)  1 2 3 4 5 

Internal shift in focus or vision 1 2 3 4 5 
Success or failure of trials 1 2 3 4 5 
Technology investments  1 2 3 4 5 
Promotion activities & strategies 1 2 3 4 5 
popularity of products/ Brands 1 2 3 4 5 
Customer satisfaction and loyalty 1 2 3 4 5 
Technological development 1 2 3 4 5 
New products 1 2 3 4 5 
Internationalisation i.e. entering new 
markets 1 2 3 4 5 

Sales Forecasts  1 2 3 4 5 
Price information  1 2 3 4 5 
Pricing research 1 2 3 4 5 
Market assessments 1 2 3 4 5 
Market share  1 2 3 4 5 
Customer’s demand/ Wishes 1 2 3 4 5 
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Appendix B - Invitation to Participate in the Study 

 

Dear Participant,  

 

We would like to invite you to participate in the following survey which is conducted to measure the 
effectiveness of Social Media in gaining Competitive Intelligence for B2B companies. This data 
gathering is an investigation which is needed to complete our thesis for Master degree in Business 
Administration which is conducted at the Luleå University of Technology in Sweden. 

Answering this survey should only take approximately 15 minutes. Your valuable responses to each 
statement and question are extremely important to this project, and we hereby, assure you complete 
confidentiality and no publication of individual responses and return of the outcome of the research 
in case you needed it.      

Information regarding Competitive Intelligence (CI) gather to have a better understanding of the 
concept and gain knowledge about industry competitors and other external issues. The survey 
contains sections addressing the use and effectiveness of CI and your opinion regarding market 
research, CI, sources of CI, Social Media, information quality, and the quality of decisions taken 
based on such information.  

Should you have any questions or suggestions, please contact me at mahsoh-3@student.ltu.se.  
Thank you very much for your time and consideration.  
Sincerely,  
 
 
 
Mahmoud Sohrabi 
Tohid Sadeghnejad 
	 	



	106	

	

	 	
	

References 

Abbasi,	M.-A.,	&	Liu,	H.	(2013).	Measuring	user	credibility	in	social	media	Social	Computing,	Behavioral-
Cultural	Modeling	and	Prediction	(pp.	441-448):	Springer.	

Agichtein,	E.,	Castillo,	C.,	Donato,	D.,	Gionis,	A.,	&	Mishne,	G.	(2008).	Finding	high-quality	content	in	
social	media.	Paper	presented	at	the	Proceedings	of	the	2008	International	Conference	on	Web	
Search	and	Data	Mining.	

Ahituv,	N.,	Zif,	J.,	&	Machlin,	I.	(1998).	Environmental	scanning	and	information	systems	in	relation	to	
success	in	introducing	new	products.	Information	&	Management,	33(4),	201-211.		

Altes,	K.	(2009).	SOCIAL	MEDIA.	Journal	of	Property	Management,	74(5),	44-47.		
Amerian,	I.,	Pisareva,	N.,	Abraha,	D.,	&	Blombäck,	A.	(2012).	Integrating	Social	Media	into	the	Marketing	

Communication	Strategy:	The	Case	of	ID24.	
Andersén,	S.,	Bengtsson,	A.,	Gilén,	S.,	Wilde	Björling,	M.,	&	Melander,	A.	(2014).	Social	Media	within	a	

B2B	context:	A	qualitative	study	about	how	industrial	corporations	can	use	social	media	to	
maintain	B2B	relationships.	

Auditore,	P.	(2011).	The	Social	Media	Crescendo	Effect.			Retrieved	5.25.2014,	2014,	from	
https://www.socialmediatoday.com/content/social-media-crescendo-effect	

Avlonitis,	G.	J.,	&	Karayanni,	D.	A.	(2000).	The	impact	of	internet	use	on	business-to-business	marketing:	
examples	from	American	and	European	companies.	Industrial	Marketing	Management,	29(5),	
441-459.		

Bakos,	J.	Y.	(1997).	Reducing	buyer	search	costs:	Implications	for	electronic	marketplaces.	Management	
science,	43(12),	1676-1692.		

Bashar,	A.,	Ahmad,	I.,	&	WASIQ,	M.	(2012).	Effectiveness	Of	Social	Media	As	A	Marketing	Tool:	An	
Empirical	Study.	International	Journal	of	Marketing,	Financial	Services	&	Management	Research,	
1(11),	88-99.		

Berg,	N.	(2005).	Non-response	bias.		
Bergstrand,	F.,	Finlaw,	E.,	&	Jansson,	H.	(2011).	Enhancing	Current	Feedback	Processes	through	Social	

Media	Monitoring:	An	exploratory	study	of	Social	Media	and	Social	Media	monitoring	practices	
within	an	MNC	looking	to	combine	new	practices	with	traditional	customer-centric	processes.	

Bernhardt,	D.	(2003).	Competitive	Intelligence:	How	to	acquire	and	use	corporate	intelligence	and	
counter-intelligence:	Ft	Pr.	

Bodnar,	K.,	&	Cohen,	J.	L.	(2011).	The	B2B	Social	Media	Book:	Become	a	Marketing	Superstar	by	
Generating	Leads	with	Blogging,	Linkedin,	Twitter,	Facebook,	Email,	and	More:	John	Wiley	&	
Sons.	

Bose,	R.	(2008).	Competitive	intelligence	process	and	tools	for	intelligence	analysis.	Industrial	
Management	&	Data	Systems,	108(4),	510-528.		

Boyd,	D.,	&	Ellison,	N.	B.	(2007).	Social	network	sites:	Definition,	history,	and	scholarship.	Journal	of	
Computer-Mediated	Communication,	13(1),	210-230.		

Brockhoff,	K.	(1998).	Technology	management	as	part	of	strategic	planning–some	empirical	results.	R&D	
Management,	28(3),	129-138.		

Bulmer,	D.,	&	DiMauro,	V.	(2009).	The	New	Symbiosis	of	Professional	Networks:	Social	Media's	Impact	
on	Business	and	Decision-making.	Jounal	of	New	Communcations	Research(94),	93-99.		

Bulmer,	D.,	&	DiMauro,	V.	(2010-2011).	Social	network	participation	increasingly	affects	executive	
decision	making,	according	to	2nd	Annual	New	Symbiosis	of	Professional	Networks	study.			
Retrieved	2.25.2014,	2014,	from	http://dssresources.com/news/3255.php	

Bushey,	C.	(2010).	ALL	A	TWITTER.	Journal	of	Property	Management,	75(1),	24-27.		



	107	

	

	 	
	

Chaffey,	D.	(2007).	E-business	and	E-commerce	Management:	Strategy,	Implementation	and	Practice:	
Pearson	Education.	

Chaudhary,	A.,	Gustafsson,	V.,	&	Blombäck,	A.	(2011).	Supplementing	consumer	insights	at	Electrolux	by	
mining	social	media:	An	exploratory	case	study.	

Chen,	H.,	Chau,	M.,	&	Zeng,	D.	(2002).	CI	Spider:	a	tool	for	competitive	intelligence	on	the	Web.	Decision	
Support	Systems,	34,	1-17.		

Choudhury,	V.,	Hartzel,	K.	S.,	&	Konsynski,	B.	R.	(1998).	Uses	and	consequences	of	electronic	markets:	an	
empirical	investigation	in	the	aircraft	parts	industry.	MIS	quarterly,	471-507.		

Cook,	M.,	&	Cook,	C.	W.	(2000).	Competitive	intelligence:	create	an	intelligent	organization	and	compete	
to	win:	Kogan	Page.	

Creswell,	J.	W.	(2013).	Research	design:	Qualitative,	quantitative,	and	mixed	methods	approaches:	Sage	
publications.	

Dai,	Q.,	&	Kauffman,	R.	J.	(2002).	Business	models	for	internet-based	B2B	electronic	markets.	
International	Journal	of	Electronic	Commerce,	6,	41-72.		

David,	A.	(2013).	Competitive	Intelligence	and	Decision	Problems:	John	Wiley	&	Sons.	
Dey,	L.,	Haque,	S.	M.,	Khurdiya,	A.,	&	Shroff,	G.	(2011).	Acquiring	competitive	intelligence	from	social	

media.	Paper	presented	at	the	Proceedings	of	the	2011	Joint	Workshop	on	Multilingual	OCR	and	
Analytics	for	Noisy	Unstructured	Text	Data.	

Digitaltrends.	(2014).	The	history	of	social	networking.			Retrieved	7/7/2014,	2014,	from	
http://www.digitaltrends.com/features/the-history-of-social-networking/	

Dillman,	D.	A.	(2000).	Mail	and	internet	surveys:	The	tailored	design	method	(Vol.	2):	Wiley	New	York.	
Dobrian,	J.	(2013).	SOCIAL	MEDIA	MAZE:	FIND	YOUR	WAY.	Journal	of	Property	Management,	78(1),	54-

59.		
Dubois,	A.,	&	Gadde,	L.-E.	(2002).	Systematic	combining:	an	abductive	approach	to	case	research.	

Journal	of	business	research,	55(7),	553-560.		
Eisenhardt,	K.	M.,	&	Zbaracki,	M.	J.	(1992).	Strategic	decision	making.	Strategic	management	journal,	

13(S2),	17-37.		
Emarketer.	(2013).	Web	Development	Top	B2B	Priority	in	2013.			Retrieved	7	June	2014,	from	

http://www.emarketer.com/Article/Web-Development-Top-B2B-Priority-2013/1009630	
Ettorre,	B.	(1995).	Managing	competitive	intelligence.	Management	Review,	84(10),	15-19.		
Evans,	J.	R.,	&	King,	V.	E.	(1999).	Business-to-business	marketing	and	the	world	wide	web:	planning,	

managing,	and	assessing	web	sites.	Industrial	Marketing	Management,	28(4),	343-358.		
Fjellman,	C.,	Jansson,	E.,	Ljungkvist,	T.,	&	Olsson,	M.	(2012).	Marknadsföring	via	sociala	medier:	Social	

Media	Marketing	Social	Media	Marketing.	
Fridolf,	M.,	Arnautovic,	A.,	Khodabandehloo,	A.,	&	Lagrosen,	S.	(2011).	Social	Media	Marketing:	A	case	

study	of	Saab	Automobile	AB.	
Frost,	S.	(2013).	Market	Research	and	Competitive	Intelligence	Priorities.			Retrieved	06,10,2014,	2014,	

from	http://ww2.frost.com/	
Garson,	G.	D.	(2001).	Guide	to	writing	empirical	papers,	theses,	and	dissertations:	CRC	Press.	
Gillin,	P.	(2009).	Secrets	of	social	media	marketing.	How	to	use	online	conversations	and	customer	

communities	to	turbo-charge	your	business.	Fresno:	Quill	Driver	Books.		
Gordon,	I.	(1989).	Beat	the	competition:	How	to	use	competitive	intelligence	to	develop	winning	business	

strategies:	Basil	Blackwell.	
Gottschalk,	P.,	&	Abrahamsen,	A.	F.	(2002).	Plans	to	utilize	electronic	marketplaces:	the	case	of	B2B	

procurement	markets	in	Norway.	Industrial	Management	&	Data	Systems,	102(6),	325-331.		
Graef,	J.	L.	(1997).	Using	the	Internet	for	competitive	intelligence:	a	survey	report.	Competitive	

Intelligence	Review,	8(4),	41-47.		



	108	

	

	 	
	

Granholm,	M.,	Windh,	S.,	Ghannad,	N.,	&	Tidåsen,	C.	(2011).	Social	media	marketing:	How	does	your	
company	interact	with	customers?	

Guardian.	(2014).	Facebook:	10	years	of	social	networking,	in	numbers.			Retrieved	3.7.2014,	2014,	from	
http://www.theguardian.com/news/datablog/2014/feb/04/facebook-in-numbers-statistics	

Gummesson,	E.,	&	Polese,	F.	(2009).	B2B	is	not	an	island!	Journal	of	Business	&	Industrial	Marketing,	
24(5/6),	337-350.		

Hadjikhani,	A.,	&	LaPlaca,	P.	(2013).	Development	of	B2B	marketing	theory.	Industrial	Marketing	
Management,	42(3),	294-305.		

Hague,	P.	H.,	Nick;	Harrison,	Matthew.	(2006).	B2B	Marketing:	What	Makes	It	Special?			Retrieved	
09.06.2014,	2014,	from	http://www.b2binternational.com/publications/b2b-marketing/	

Hair,	J.	F.,	Black,	W.	C.,	Babin,	B.	J.,	Anderson,	R.	E.,	&	Tatham,	R.	L.	(2013).	Multivariate	Data	Analysis	
(7th	ed.):	Pearson	Education	Limited.	

Harrysson,	M.,	Metayer,	E.,	&	Sarrazin,	H.	(2012).	How	‘social	intelligence’can	guide	decisions.	McKinsey	
Quarterly,	4,	81-89.		

Hickey,	K.	(2000).	An	Internet	B2B	explosion.(Brief	Article).	Traffic	World,	261(12),	24.		
Hoffman,	D.	L.,	&	Fodor,	M.	(2010).	Can	You	Measure	the	ROI	of	Your	Social	Media	Marketing?	MIT	

Sloan	Management	Review,	52(1),	41-49.		
HubSpotInc.	(2015).	Social	Media	Stats.			Retrieved	2.15.2015,	2015,	from	

http://www.hubspot.com/marketing-statistics	
Huck,	S.	W.,	Cormier,	W.	H.,	&	Bounds,	W.	G.	(2011).	Reading	statistics	and	research	(6th	ed.):	Harper	&	

Row	New	York.	
InternetLiveStats.	(2014).	Internet	Users.			Retrieved	05.04.2014,	2014,	from	

http://www.internetlivestats.com/internet-users/	
Kaplan,	A.	M.,	&	Haenlein,	M.	(2010).	Users	of	the	world,	unite!	The	challenges	and	opportunities	of	

Social	Media.	Business	Horizons,	53(1),	59-68.	doi:	
http://dx.doi.org/10.1016/j.bushor.2009.09.003	

Keiser,	B.	E.	(1987).	Practical	competitor	intelligence.	Strategy	&	Leadership,	15(5),	14-45.		
Kietzmann,	J.	H.,	Hermkens,	K.,	McCarthy,	I.	P.,	&	Silvestre,	B.	S.	(2011).	Social	media?	Get	serious!	

Understanding	the	functional	building	blocks	of	social	media.	Business	Horizons,	54(3),	241-251.	
doi:	http://dx.doi.org/10.1016/j.bushor.2011.01.005	

Kline,	R.	(2010).	Principles	and	Practice	of	Structural	Equation	Modeling	(3rd	ed.):	The	Guilford	Press.	
Korosuo,	S.,	Lund,	A.,	&	Danielsson	Öberg,	K.	(2013).	Social	media	as	a	marketing	tool	for	extreme-sport	

oriented	companies.	
Kourdi,	J.	(2003).	Business	strategy:	A	guide	to	effective	decision	making:	Profile.	
Laura,	L.	(2014).	Understanding	the	Difference	Between	B2B	and	B2C	Marketing.			Retrieved	09.06.2014,	

2014	
Liu,	H.,	Maes,	P.,	&	Davenport,	G.	(2006).	Unraveling	the	taste	fabric	of	social	networks.	International	

Journal	on	Semantic	Web	and	Information	Systems	(IJSWIS),	2(1),	42-71.		
Mack,	K.	E.,	Crawford,	M.	A.,	&	Reed,	M.	C.	(2004).	Decision	making	for	improved	performance:	Health	

Administration	Press.	
Malone,	T.	W.,	Yates,	J.,	&	Benjamin,	R.	I.	(1987).	Electronic	markets	and	electronic	hierarchies.	

Communications	of	the	ACM,	30(6),	484-497.		
McNeilly,	M.	(2002).	Gathering	information	for	strategic	decisions,	routinely.	Strategy	&	Leadership,	

30(5),	29-34.	doi:	doi:10.1108/10878570210442533	
Meredith,	R.,	&	O'Donnell,	P.	(2011).	A	framework	for	understanding	the	role	of	social	media	in	business	

intelligence	systems.	Journal	of	Decision	Systems,	20(3),	263-282.		



	109	

	

	 	
	

Miller,	M.	(2012).	B2B	Digital	Marketing:	Using	the	Web	to	Market	Directly	to	Businesses:	Que	
Publishing.	

Murphy,	C.	(2005).	competitive	intelligence:	Gathering,	Analysing	and	Putting	it	to	Work:	Gower	
Publishing,	Ltd.	

Oppenheim,	A.	N.	(1992).	Questionnaire	design,	interviewing	and	attitude	measurement:	Bloomsbury	
Publishing.	

Pinsonneault,	A.,	&	Kraemer,	K.	L.	(1993).	Survey	research	methodology	in	management	information	
systems:	an	assessment.	Journal	of	Management	Information	Systems,	75-105.		

Power,	D.	J.	(2013).	How	is	analytics,	BI	and	decision	support	shaping	global	society?			Retrieved	
6.5.2014,	2014,	from	http://dssresources.com/faq/index.php?action=artikel&id=285	

Power,	D.	J.,	&	Phillips-Wren,	G.	(2011).	Impact	of	social	media	and	Web	2.0	on	decision-making.	Journal	
of	Decision	Systems,	20(3),	249-261.		

Prescott,	J.	E.	(1995).	The	evolution	of	competitive	intelligence.	International	Review	of	Strategic	
Management,	6,	71-90.		

Prescott,	J.	E.,	&	Smith,	D.	C.	(1989).	The	largest	survey	of	“leading-edge”	competitor	intelligence	
managers.	Strategy	&	Leadership,	17(3),	6-13.		

Quoniam,	L.	(2013).	Competitive	Inteligence	2.0:	Organization,	Innovation	and	Territory:	John	Wiley	&	
Sons.	

Radford,	K.	J.	(1988).	Strategic	and	tactical	decisions:	Springer.	
Reed,	F.	(2011).	Study	Shows	Social	Media	Impact	Lags	Search	and	Email.			Retrieved	5.25.2014,	2014	
Referenceforbusiness.com.	(2014).	Business-to-Business	Marketing.			Retrieved	5/7/2014,	from	

http://www.referenceforbusiness.com/small/Bo-Co/Business-to-Business-Marketing.html	
Rombel,	A.	(2001).	The	Internet	B2B	Market	Shake-Up.	Global	Finance,	15(1),	65.		
Rouach,	D.,	&	Santi,	P.	(2001).	Competitive	Intelligence	Adds	Value::	Five	Intelligence	Attitudes.	

European	Management	Journal,	19(5),	552-559.		
Saeed,	M.	S.	(2011).	Key	Issues	in	B2B	Marketing	and	a	Need	to	Develop	Appropriate	Theories	and	

Models.	Interdisciplinary	Journal	of	Contemporary	Research	In	Business,	3(3),	815-825.		
Safko,	L.	(2010).	The	social	media	bible:	tactics,	tools,	and	strategies	for	business	success	(3rd	ed.):	John	

Wiley	&	Sons.	
Saravanakumar,	M.,	&	Suganthalakshmi,	T.	(2012).	Social	media	marketing.	Life	Science	Journal,	9(4),	

4444-4451.		
Sarkees,	M.	(2011).	Understanding	the	links	between	technological	opportunism,	marketing	emphasis	

and	firm	performance:	Implications	for	B2B.	Industrial	Marketing	Management,	40(5),	785-795.		
Saunders,	M.	N.,	Saunders,	M.,	Lewis,	P.,	&	Thornhill,	A.	(2011).	Research	methods	for	business	students,	

5/e:	Pearson	Education	India.	
Sax,	L.	J.,	Gilmartin,	S.	K.,	&	Bryant,	A.	N.	(2003).	Assessing	response	rates	and	nonresponse	bias	in	web	

and	paper	surveys.	Research	in	higher	education,	44(4),	409-432.		
Schmidt,	G.,	&	Wilhelm,	W.	E.	(2000).	Strategic,	tactical	and	operational	decisions	in	multi-national	

logistics	networks:	A	review	and	discussion	of	modelling	issues.	International	Journal	of	
Production	Research,	38(7),	1501-1523.	doi:	10.1080/002075400188690	

Schwenk,	C.	R.	(1984).	Cognitive	simplification	processes	in	strategic	decision-making.	Strategic	
management	journal,	5(2),	111-128.	doi:	10.1002/smj.4250050203	

ShiftCentral.	(2014).	Just	how	useful	is	Twitter	for	Competitive	Intelligence?			Retrieved	06.04.2015,	
2015,	from	http://www.shiftcentral.com/blog/just-how-useful-twitter-competitive-intelligence	

Signorini,	A.	(2014).	Use	of	social	media	to	monitor	and	predict	outbreaks	and	public	opinion	on	health	
topics:	University	of	Iowa.	



	110	

	

	 	
	

Spens,	K.	M.,	&	Kovács,	G.	(2006).	A	content	analysis	of	research	approaches	in	logistics	research.	
International	Journal	of	Physical	Distribution	&	Logistics	Management,	36(5),	374-390.		

Statista.	(2014a).	Leading	Social	Networks	Worldwide	Retrieved	07/07/2014,	2014,	from	
http://www.statista.com/statistics/272014/global-social-networks-ranked-by-number-of-users/	

Statista.	(2014b).	Social	network	users	worldwide	from	2010	to	2017.			Retrieved	05.04.2014,	2014,	from	
http://www.statista.com/statistics/278414/number-of-worldwide-social-network-users/	

Statisticbrain.	(2014).	Twitter	Statistics.			Retrieved	27.6.2014,	2014,	from	
http://www.statisticbrain.com/twitter-statistics/	

Strand,	J.,	Uggla,	H.,	Persson,	A.,	Bjröling,	M.,	&	Melander,	A.	(2012).	How	social	media	is	utilized	in	a	
business-to-business	environment:	A	case	study	of	Axis	Communications.	

Subramaniam,	C.,	&	Shaw,	M.	J.	(2002).	A	study	of	the	value	and	impact	of	B2B	e-commerce:	the	case	of	
web-based	procurement.	International	Journal	of	Electronic	Commerce,	6,	19-40.		

Tang,	Q.,	Gu,	B.,	&	Whinston,	A.	B.	(2012).	Content	contribution	for	revenue	sharing	and	reputation	in	
social	media:	A	dynamic	structural	model.	Journal	of	Management	Information	Systems,	29(2),	
41-76.		

Teo,	T.	S.,	&	Choo,	W.	Y.	(2001).	Assessing	the	impact	of	using	the	Internet	for	competitive	intelligence.	
Information	&	Management,	39(1),	67-83.		

The	Mezzanine	Group.	(2012).	Competitive	Intelligence	for	B2B	Companies.		Toronto,	Ontario.	
TRC.	(2009,	December	7,	2009).	Non-Response	Bias	In	Survey	Sampling.			Retrieved	10.03.2015,	2015,	

from	http://www.greenbook.org/marketing-research/non-response-bias	
Trochim,	W.	M.,	&	Donnelly,	J.	P.	(2001).	Research	methods	knowledge	base.		
Tyson,	K.	W.	(1998).	The	complete	guide	to	competitive	intelligence:	gathering,	analyzing	and	using	

competitive	intelligence.	Chicago:	Kirk	Tyson	International.		
van	Hoek,	R.,	Aronsson,	H.,	Kovács,	G.,	&	Spens,	K.	M.	(2005).	Abductive	reasoning	in	logistics	research.	

International	Journal	of	Physical	Distribution	&	Logistics	Management,	35(2),	132-144.		
Verbraken,	T.,	Goethals,	F.,	Verbeke,	W.,	&	Baesens,	B.	(2014).	Predicting	online	channel	acceptance	

with	social	network	data.	Decision	Support	Systems,	63(0),	104-114.	doi:	
http://dx.doi.org/10.1016/j.dss.2013.08.011	

Vuori,	V.,	&	Väisänen,	J.	(2009).	The	use	of	social	media	in	gathering	and	sharing	competitive	
intelligence.	Paper	presented	at	the	9th	Internafional	Conference	on	Electronic	Business.	

Walle,	A.	H.	(1999).	From	marketing	research	to	competitive	intelligence:	useful	generalization	or	loss	of	
focus?	Management	Decision,	37(6),	519-525.		

Wee,	C.	H.,	&	Leow,	M.	L.	(1994).	Competitive	business	intelligence	in	Singapore.	Journal	of	Strategic	
Marketing,	2(2),	112-139.		

Westman,	D.,	Lindfors,	P.,	Hamde,	K.,	&	Nylén,	U.	(2012).	Leaders	and	Social	Media:	Improving	HRM	
through	better	internal	communication.	

White,	M.	G.	(2014).	What	Types	of	Social	Networks	Exist?		Retrieved	from	
http://socialnetworking.lovetoknow.com/What_Types_of_Social_Networks_Exist	

Whittaker,	Z.	(2014).	Social	Media	2014	Statistics.			Retrieved	7.7.2014,	2014,	from	
http://blog.digitalinsights.in/social-media-users-2014-stats-numbers/05205287.html	

Williams,	B.,	Brown,	T.,	&	Onsman,	A.	(2012).	Exploratory	factor	analysis:	A	five-step	guide	for	novices.	
Australasian	Journal	of	Paramedicine,	8(3),	1.		

Wise,	R.,	&	Morrison,	D.	(2000).	Beyond	the	exchange--the	future	of	B2B.	Harvard	Business	Review,	
78(6),	86-96.		

Yaro,	W.,	Asmar,	A.,	von	jahf,	H.,	Halvarsson,	D.,	&	Mostaghel,	R.	(2013).	The	Effects	of	Having	a	
Presence	in	Social	Media:	Swedish	advertising	agencies'	awareness	of	social	media	and	its	
contributing	opportunities	and	risks.	



	111	

	

	 	
	

Yin,	R.	K.	(2013).	Case	study	research:	Design	and	methods:	Sage	publications.	
Zephoria.	(2014).	The	Top	20	Valuable	Facebook	Statistics.			Retrieved	14.7.2014,	2014,	from	

https://zephoria.com/social-media/top-15-valuable-facebook-statistics/	
Zikmund,	W.,	Babin,	B.,	Carr,	J.,	&	Griffin,	M.	(2012).	Business	research	methods:	Cengage	Learning.	

	


